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Abstract: Ecotourism is the most encompassing alternative approach, and it is usually regarded as a
panacea capable of combining economic development, environmental protection, and community
well-being. Pakistan’s ecotourism industry is relatively new and has significant growth potential, with
approximately 6 million domestic and international tourists visiting various northern destinations in
2018. However, as the number of tourists grows, so do the difficulties or obstacles associated with
visitor/tourist behaviour, such as pollution, forest cutting, wildlife turmoil, filthy waste/garbage,
and forest fire. These potential hazards have become natural environment-harming concerns that
occur daily. Prior studies and government policies have emphasised the increasing knowledge and
responsibility of ecotourism behaviour among tourists to address the issues. Digital marketing is
known as a flashy way to connect with tourists by providing them with diverse tour information
and destination images; however, reviews show that a smaller number of previous research in
the tourism industry has been involved with digital marketing strategies. They use a quantitative
design and Structural Equation Model testing. The guaranteed validity and reliability is an adaptive
questionnaire created and tested in pilot research. For data gathering, a multistage sampling method
is utilised. This research included 384 tourist respondents from three regions that used digital
marketing for their travelling. It was chosen using a random and purposeful sampling process. The
study found that destination image is positively connected to ecotourism. The current study employs
the Theory of Planned Behaviour (TPB) as a theoretical contribution. The study’s findings suggest
that visitors, the government, the tourism industry, and the community may use digital marketing
strategies to encourage ecotourism behaviour.

Keywords: digital marketing; ecotourism; environmental conservation; social media; environmen-
tal education

1. Introduction

Ecotourism is the most unifying alternative strategy, and it is frequently viewed as a
panacea capable of balancing economic development, environmental conservation, and
community well-being [1,2]. According to Fang [3], ecotourism is typically viewed as a
sort of tourism aimed toward relatively undisturbed natural areas and territory protec-
tion instead of mass tourism in a built environment, highlighting the concept’s appeal.
Sustainable tourist development aims to correct past tourism development models’ flaws.
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Because tourism is strongly tied to and dependent on a destination’s resources, tourism,
whether mass or alternative, will harm the environment [4]. However, well-managed
ecotourism promotes an awareness of the effects of tourism on the natural, cultural, and
human surroundings [5]. Ecotourism is considered alternative tourism based on the above
essential criteria. “Ecotourism” is defined as “responsible travel to natural places that
protect the environment while also ensuring the well-being of local people” [6]. According
to [7], ecotourism is defined as “tourism with obligations to natural areas, environmental
protection, resident economic development, and the integration of interpretation and ed-
ucation to widen personal experience and knowledge” by the International Ecotourism
Society.

Accounting for all the elements considered for ecotourism to be effective is no easy feat.
Most ecotourism research has focused primarily on traditional marketing techniques. For
instance, “the impact of using online marketing tactics on the Iranian ecotourism business”
is being investigated [8]. It is also crucial to cultivate ecotourism through digital marketing
strategies and boost awareness through destination image development. According to [9],
digital marketing is a strategic process of promoting goods and services to a targeted market
on the internet by encompassing critical marketing concepts through digital resources,
which may include tools such as blogging, search engines, social media, and mobile
applications. The activities in tourist locations are primarily influenced by how tourists
perceive the destination. Destination image is defined by [10] as the sum of beliefs, ideas,
and impressions that a tourist holds about a destination.

Many previous researchers have looked at the relationship between digital marketing
strategies and ecotourism behaviour; however, only a few have examined the intervening
elements in this relationship [11,12]. Most ecotourism research has focused primarily on
traditional marketing techniques. For instance, “the impact of using online marketing
tactics on the Iranian ecotourism business” is being investigated [8]. There are no inter-
vening variables mentioned in the study, which focuses only on the internet marketing
perspective. Destination image is one of the essential aspects of the current study and
one of the novel additions to the body of knowledge as a mediating variable between
digital marketing strategies and ecotourism behaviour. It is critical to improve and raise
the destination’s image and awareness by relating findings from the study [13] to plans
for ecotourism behaviour development in the locations. The image of a destination is an
essential component of ecotourism and significantly influences tourist growth.

It is also crucial to cultivate ecotourism through digital marketing strategies and boost
awareness through destination image development. The activities in tourist locations are
primarily influenced by how tourists perceive the destination. As a result, it is essential
to market tourism to encourage people to visit these places while being environmentally
responsible. There has not been much literature on digital marketing strategies to measure
ecotourism behaviour. Most ecotourism research has focused primarily on traditional
marketing strategies [14]. The current study investigated the novel relationship between
digital marketing strategies and ecotourism behaviour, as well as the theories that underpin
it, including the Theory of Planned Behaviour (TPB). To better understand the complexities
of human behaviour, the TPB has been utilized to analyse and anticipate human behaviour.
The TPB expands on the TRA (theory of reasoned action) [15].

The preceding work has not holistically explored the Theory of Planned Behaviour
(TPB) in digital marketing strategies, destination image, and ecotourism behaviour. On
the other hand, the TPB is employed in this study to determine if environmental attitudes,
subjective norms, and perceived behavioural control influence ecotourism activity in natural
regions. Furthermore, in the current study, the purpose is employed as the destination
pictures, and the actual action is replaced with ecotourism behaviour.

The current study aims to identify the relationship between digital marketing and
ecotourism behaviour in the Pakistani tourism industry. Digital marketing strategies
such as blogging, social media, mobile applications, and search engine optimisation are
used for the current research; on the other hand, ecotourism behaviour is measured in
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three dimensions: environmental conservation, environmental education, and community
development. The current study also analyses the destination image role as a mediating
variable in the relationship between digital marketing strategies and ecotourism behaviour.

2. Conceptual and Theoretical Development

There has not been much research on how to combine ecotourism with internet
marketing in the past. Most ecotourism research has solely looked at standard marketing
methods [16]. In many regions of the globe, the research has tended to employ online
marketing techniques for ecotourism behaviour. However, in earlier research, ecotourism
has been discussed on the internet and in online marketing, and the message of ecotourism
behaviour development among tourists visiting natural conservation locations has been
conveyed. Most online and internet marketing research does not consider more effective
online marketing tactics.

For instance, the impacts of using online marketing strategies in the Iranian ecotourism
tourist business were studied with no intervening variable between the dependent and
independent variables [8]. In addition, Varkaris and Neuhofer [17] used social media
to improve ecotourism in their model because social media plays a significant role in
influencing modern tourists’ decision-making processes and developing ecotourism be-
haviour. However, the model did not use any intervening variable and strategy to promote
ecotourism.

On the other hand, the current study developed the conceptual framework from the
previous research and analysed some new relationships in the body of knowledge. Figure 1
shows the conceptual framework developed from the previous literature.
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Figure 1. Conceptual model (self-developed).

To better understand the complexities of human behaviour, the TPB has been utilized to
analyse and anticipate human behaviour. The TPB expands on the TRA (theory of reasoned
action) [15]. The TRA examines how behavioural intention, attitude, and subjective criteria
influence human behaviour [18]. Ajzen [15] introduced a new component to his model (i.e.,
perceived behavioural control). Ajzen [15] utilized the TPB to show how attitude, subjective
norms, and perceived behavioural control influence behavioural intention, driving actual
behaviour.

Many previous studies have used the TPB model to investigate environmental be-
haviour [19], ecological behaviour [20,21], low carbon behaviour [22,23], and green con-
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sumption [24,25]. These findings support the TPB model’s ability to increase the explanatory
and forecasting capacity of human behaviour. Like ordinary individual decision-making
behaviour, tourist behaviour is impacted by contextual interpretations and is not fully
independent. As a result, this study uses a destination image as a mediating variable in the
link between digital marketing and ecotourism behaviour

However, theoretical development in the digital marketing and ecotourism behaviour
relationship is vital in the previous literature. In this study, the TPB predicts and explains
visitors’ ecotourism behaviour by considering environmental attitude, subjective norms,
perceived behaviour control, and ecotourism behavioural intention. Attitude, subjective
norms, and perceived behavioural control are among the digital marketing strategies used
in this study. The linkage between ecotourism behaviour and destination image is missing
from digital marketing strategies in the literature. On the other hand, the TPB is used in
this study to see if environmental attitudes, subjective norms, and perceived behavioural
control impact ecotourism behaviour in natural areas.

Furthermore, the intention is used as the destination image in the current study, and
actual behaviour is replaced with the ecotourism behaviour in the current study. That is
the theoretical contribution of the current study.

2.1. Hypotheses Development

To achieve the objectives outlined in Section 1, multidisciplinary literature relating to
this research has been reviewed, and the following hypotheses were developed.

2.1.1. Digital Marketing Strategies and Ecotourism

Thousands of individuals have started writing blogs about their travels. These blogs ad-
dress all travel elements, such as applying for a visa, booking tickets/vehicles/accommodation,
describing local lifestyles, explaining customs processes, advising on to-do activities in
the locations, and providing travel advice [26]. Travellers are increasingly considering
online comments while making vacation selections due to the exponential increase in the
popularity of blogging [27]. However, an investigation of the impact of social media on
dominant social media platforms, such as Facebook, Instagram, YouTube, LinkedIn, and
Twitter [28], has been undertaken on dominant social media platforms, such as Facebook,
Instagram, YouTube, LinkedIn, and Twitter, while social media platforms have been mainly
ignored [29].

In addition, the current popularity and introduction of mobile applications may be
traced back to the widespread use of cell phones, which have long helped regulate visitor
experiences [30]. Because mobile apps are more difficult to use in a ubiquitous usage
environment due to time restrictions, lighting conditions, bandwidth, and other factors,
user adoption of mobile applications is heavily reliant on the application’s adaptability to
the specific usage context [31]. Moreover, search engine marketing has become a burgeoning
industry in the digital world for destinations to better understand their foreign clients and
what type of ecotourism destination they should promote. Search engines have evolved
into one of the essential methods for travellers to find and filter information and a critical
channel for hospitality and tourist firms to reach out to potential customers [32].

Hypothesis (H1). Blogging is positively related to ecotourism behaviour.

Hypothesis (H2). Search engine optimisation is positively related to ecotourism behaviour.

Hypothesis (H3). Mobile applications are positively related to ecotourism behaviour.

Hypothesis (H4). Social media is positively related to ecotourism behaviour.

National experiences, widely shared online blogs, are a significant data source for as-
sessing tourist destinations’ performance and understanding travellers’ views, behaviours,
and expectations [33]. Regarding image inconsistency, travellers’ perceptions of a location
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have been out of sync with blogging sources [34]. In addition, to build a successful search
engine optimisation campaign, tourism marketers must grasp the dynamic nature of travel
information search using search engines [35]. SEO growth benefits tourism destinations
because it increases efficiency and aids in re-engineering communications tactics. At the
same time, the internet and online platforms have emerged as the most significant arena
for destination branding and the first choice when individuals seek information about
locations [36].

Furthermore, mobile applications are an excellent method for travel-related businesses
to develop long-term partnerships with visitors. Mobile applications enable travel-related
businesses to deliver new, fascinating, and creative experiences for their customers in
today’s business climate [22]. Mobile apps assist customers and travellers in finding and
understanding more about travel information, goods, and services in the destination. Travel
managers frequently use mobile phones to develop marketing plans for providers [37].

Additionally, for many businesses, social media is becoming a separate tourist mar-
keting and communication strategy since marketers can directly connect with tourists and
influence their decision-making processes by using social media platforms [38]. Moreover,
social media may play an important role in improving the quality of tourist destinations in
terms of awareness and planning to safeguard environmental degradations, as well as in
the creation of new destinations for tourists [39].

Hypothesis (H5). Blogging is positively related to the destination image.

Hypothesis (H6). Search engine optimisation is positively related to the destination image.

Hypothesis (H7). Mobile applications are positively related to the destination image.

Hypothesis (H8). Social media is positively related to the destination image.

Hypothesis (H9). Destination image is positively related to ecotourism behaviour.

2.1.2. The Mediating Role of Destination Image between Digital Marketing Strategies
and Ecotourism

Many individuals are becoming interested in the tourist community; personal travel
evaluations and bloggers promote ecotourism [40]. Ecotourism is viewed as a commodity
that must be promoted through digital marketing strategies. We have only come across a
few instances of tourist events being used to improve the image of ecotourism destinations
since they are incompatible with natural sustainability. Other marketing strategies are
required to improve the economic element, including social media marketing and tourism
events [41]. In addition, ecotourism draws visitors who wish to experience natural beauties
and conserve them for future generations. Tourists are well aware of the benefits of utilising
technology to obtain information about ecotourism. Because many ecotourism locations
are remote from technological infrastructure, search engine optimisation is essential for
marketing the destination’s image [42].

According to data conducted by a full-service online travel agency, the mobile trend in
the tourist sector is huge [43]. Mobile applications help improve the image of a destination
and promote ecotourism behaviour among visitors who are planning to come. To grasp the
challenges local ecotourism destinations have in leveraging modern technology to bring
their communities to the awareness of potential tourists necessitates a thorough under-
standing of how travellers interact with mobile applications [44]. In addition to this, social
media is becoming increasingly important in tourism, including destination suitability,
ecotourism promotion, and focusing on the best practices for interacting with travellers via
social media channels (social sharing of holiday experiences) for environmental awareness
and protection [45].
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Hypothesis (H10). Destination image mediates the relationship between blogging and ecotourism
behaviour.

Hypothesis (H11). Destination image mediates the relationship between search engine optimization.

Hypothesis (H12). Destination image mediates the relationship between mobile applications and
ecotourism behaviour.

Hypothesis (H13). Destination image mediates the relationship between social media and eco-
tourism behaviour.

3. Materials and Methods
3.1. Measurement

To collect data, the researchers used an established, reliable, and validated self-
administered questionnaire. For this purpose, the researcher employed scales from previ-
ous investigations. The study instrument employed a 5-point Likert scale to collect data.
Furthermore, the present study identified ecotourism in three dimensions: conservation,
community development, and education, according to the definition of ecotourism in this
study. The previous study has used scales to assess ecotourism behaviour; measurement
indicators are adopted [35–38] because the researchers measured the ecotourism behaviour
using these items. Since its emergence, tourism scholars have used the TPB to predict
ecotourism behaviour under different scenarios with varying degrees of success [46]. Social
media, mobile applications, search engine optimisation, and blogging evaluated digital
marketing initiatives [47]. As part of the theory of the planned behaviour and technology
acceptance model, the employment of digital marketing methods replaced attitudes toward
subjective standards and perceived behavioural control [48,49].

However, social media scales are adopted from [39,40,50] the impact of the media
in shaping expectations. Meanwhile, mobile application scales have been adopted [41].
Mobile apps have been defined as “end-user software applications designed for a mobile
device operating system and extend that device’s capabilities [51]; mobile apps are self-
contained software that can download and run on mobile devices [52]. Blogging scales
are adopted from [53,54]. According to the present study, it is an essential component of
digital marketing strategy [55]. Finally, search engine optimisation scales are adopted and
adapted from [56], and many additional studies utilised the same scale for search engine
optimisation results, such as [57,58].

Before large-scale data collection for this study was carried out, the validation of the
instrument was checked through two steps. Pretesting was conducted in the first step.
It is vital to perform pretesting before conducting a pilot test to ensure the edifice of a
good questionnaire [59,60]. A pilot study was conducted to assess the authenticity and
dependability of opinion polls in preparation for actual data accumulation. For this purpose,
a sample of 40 respondents offered the survey. The sample questionnaire’s reliability was
checked to ensure its consistency with the questionnaire’s reliability and validity and the
findings of the pilot testing.

3.2. Sampling and Data Collection

In the first stage, data were obtained using purposive sampling to choose visitors
utilising digital marketing strategies for travel. The study used the purposive sampling
technique for the data collection strategy. Due to a 7.7-million-visitor influx in 2018, only
three regions were chosen for the second data collection stage: Gilgit-Baltistan, Naran,
Kaghan, Muree, and Galyat. In the third step of data collection, random sampling was
used to acquire as much information as feasible.

The researchers randomly chose 384 tourists from tourist destinations as prescribed
by the Morgen Table [61]. To obtain the possible sample size of 384 from three regions,
the current study distributed 800 questionnaires with a response rate of more than 50%.
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Data was collected using a Google form from visitors who visited hotels, popular tourist
destinations in the area, and adventurer tourists camping in the camps. The data response
rate was exceedingly sluggish, and we collected the data over many emailing sessions
because of the COVID-19 scenario and the difficulty in accessing visitors in the targeted
region. However, after the third time, the number of replies hit 384, and we had to stop
collecting data owing to the Morgen Table requirement.

Tourists visiting Gilgit-Baltistan, Naran, Kaghan, Muree, and Galyat, Pakistan’s most
popular tourist sites, provided data for this study. The three locations were chosen because
the number of visitors visiting Gilgit-Baltistan, Naran, Kaghan, Muree, and Galyat is the
greatest in Pakistan

4. Data Analysis and Results

Data analysis aims to identify answers to the research questions presented in chapter
one. To test all assumptions, this part is based on statistical analysis. Because this is
quantitative research, statistical analysis is performed using SPSS 21, and SEM uses clever
PLS 3.2. This statistical technique is trustworthy and widely utilised in social science studies.
The link between independent, mediating, and dependent factors has been examined in
this study based on causal relationships among variables. The data is acquired over a set
period, making it a cross-sectional study. A cross-sectional study is appropriate in this case
since the researcher investigated the link using causal relationships [62].

4.1. Sample Characteristics

The demographic information of the respondents for the current research is as follows.
Items such as digital marketing medium, region, gender, and age are among the sample
characteristics. The current study focuses on gathering information from visitors visiting
three distinct areas of Pakistan. The proportion of visitors who utilise different digital
marketing channels is: Facebook (153%), YouTube (74%), Instagram (44%), Twitter (32%),
Blogging (22%), Mobile Applications (25%), and Search Engine Optimization (SEO) (34%).

The Naran and Kaghan region received 157 tourists (40%), whereas the Gilgit Baltistan
region received 154 tourists (40%) and the Galyat region received 76 tourists (20%). Further-
more, male visitors comprised 287 (72.8%) of all visitors, while female visitors comprised
97 (27.2 %). Tourists aged 18-24 accounted for 243 (62.3%), 25-29 accounted for 43 (11.6%),
30-35 accounted for 44 (11.9%), and those aged 36 and over accounted for 54 (13.3 %). The
visitors who employed digital marketing tactics for travel in Pakistan’s northern territories
were sampled for the study. The findings above show that data acquired from digital
marketing users.

4.2. KMO and Bartlett’s Test

Data reduction techniques were applied to investigate the subsets of questions, usually
called dimensions. Prior scientific studies are featured because numerous variables are
used to characterise objects [63]. Generally, exploratory factor analysis (EFA) consists of
two stages. Stage one analyses common variations through principal component analysis
(PCA). Stage two is rotated component analysis, which identifies components that cause
latent construct variation. The present study used EFA to test common method bias using
the single-factor method.

KMO and Bartlett’s test is used to verify if data is adequate for the factor analysis.
Once verified, the researcher’s data adequacy for factor analysis moves to the next step.
Table 1 shows the results of the principal component analysis and the Kaiser–Meyer–Olkin
measure of sampling adequacy (KMO), which indicates the suitability of data for dimension
reduction analysis (EFA). The KMO measures sampling adequacy, which indicates the
proportion of variance in a latent construct that underlying factors might cause. The KMO
value was 0.943, and Bartlett’s test showed a p value of 0.0000; this indicates the suitability
of data for factor analysis.
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Table 1. KMO and Bartlett’s Test.

Test Statistics

Kaiser–Meyer–Olkin Measure of Sampling Adequacy. 0.943

Bartlett’s Test of Sphericity
Approx. Chi-Square 9505.812

df 1081
Sig. 0.000

4.3. Common Method Bias

CMB (Common Method Bias) is a vital issue when it comes to the validity of a link
between variables. CMB can be caused for various reasons, including the common rate
effect, consistency theme, social desirability, acquiescence biases, standard scale format,
item social desirability, and scale length [64]. To test the presence of common technique bias
in the data, the one-factor Standard Technique Variance methodology was utilised, with the
variance evaluated being linked to the data collecting method rather than the constructs
investigated. Common Method Variance is the name given to this variation (CMV). Much
research, particularly that used surveys, questionnaires, or interviews, regarded CMV as a
serious concern related to data processing [65].

The one-factor technique of CMV is one of the most used statistical approaches for de-
tecting common method bias in data. In exploratory factor analysis, all of the measurement
items’ loadings are combined into a single factor, and the unrotated component matrix
is analysed to identify the variance created by the single factor. The current study used
a questionnaire designed by combining the works of other writers to collect data from
people visiting Pakistani tourism sites (i.e., some of the items were adopted and some were
adapted). As a result, there may be a common method bias. CMV is used to validate the
question items across all constructs in the investigation, with just one component retrieved
to assess the variance created by the questions in the current inquiry’s single construct. A
common variation of less than 50% suggests no common method bias in the data, the value
is 40.653. Table 2 is explaining the total variance explained using single factor analysis.

Table 2. Total variance explained using Single Factor Method.

Component
Initial Eigenvalues Extraction Sums of Squared Loadings

Total % of Variance Cumulative % Total % of Variance Cumulative %

1 14.228 40.653 40.653 14.228 40.653 40.653
2 3.118 8.909 49.562
3 1.666 4.760 54.322
4 1.219 3.482 57.803
- - - -
- - - -
- - - -

53 0.001 0.003 100.000
Extraction Method: Principal Component Analysis.

4.4. Evaluation of PLS Path Model Results

The current study used smart PLS 3.0 to conduct variance-based structural equation
modelling. There are two types of models: measurement and structural. The PLS method
is used in the measurement model to handle convergent and discriminant validity, while
the structural model addresses hypothesis testing to accept or reject the hypothesis.

4.5. Assessment and Goodness of Measurement Model

All verified constructs validated by confirmatory factor analysis are explored further
in the measurement model to see if all confirmed constructs significantly contribute to the
model presented in this study. Since reflective measurement methods are used, the study
examines internal consistency reliability, convergent validity, and discriminant validity.
Each examination is given considerable thought. The measuring model is depicted in
Figure 2.
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4.6. Construct Validity

Construct validity refers to how a test decides what it takes to measure or purports to
measure [66]. There are two approaches to assessing concept validity: convergent validity
and discriminant validity [67]. According to the authors, convergent validity relates to how
closely the measures of the same conceptions are related. In contrast, discriminant validity
refers to how distinct one thinking is from another. Brown [66] defines construct validity as
“the capacity of the selected measures to depict the scenario’s components accurately.”

4.7. Convergent Validity

Hair et al. [68] define convergent validity as the association between measures of
the same idea and is concerned with construct loadings and Average Variance Extracted
(AVE). Higher outer loading on a construct indicates that the associated indicators or
items used to gauge the same concept share many similarities [67]. The outside loading
(standardised) indication should be 0.700 or higher since it represents how severely all
of the building pieces are loaded. Any exterior loading with a value less than 0.7 is
recommended to remove. The items, however, can be preserved if the construct’s Average
Variance Extraction value is more than 0.50 [67]. Table 3 displays the results of the initial
measurement model.

The Average Variance Extracted (AVE) for the construct should be 0.5 or more, sug-
gesting that the constructs, on average, describe more than the portion of the variation
in their indicators. If the AVE is less than 0.5, the measurement items are more likely to
include errors.

“The grand mean value of the squared loadings of the indicators associated with
the notion”, according to the average variance extraction criterion. The average variance
extraction for each component is shown in Table 3. As said before, a hidden variable
with an average variance extraction value of 0.5 or above may, on average, describe more
than half of the variation in its indicators. As a result, it was deemed adequate [67]. The
variance values for all constructs demonstrate convergent validity whenever the Average
Variance Extracted is more than 0.50. The present investigation’s initial finding showed a
low Average Variance Extraction result. However, after deleting the items with low factor
loading, the constructs’ Average Variance Extraction met the required criterion of 0.50.

The researchers then calculated the construct reliabilities of the variables; the construct
reliability values for each variable are shown in Table 3. The construct dependability cut-off
value is 0.70 or above [69,70]. Table 4 indicates that the excellent dependability of all
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constructions varies from 0.823 to 0.943. Ecotourism had a composite reliability of 0.943,
mobile apps had a reliability of 0.887, social media had a reliability of 0.907, blogging had a
reliability of 0.823, search engine optimisation had a reliability of 0.874, and destination
image had a dependability of 0.915. This demonstrates that fair composite reliability values
produce convergent validity.

Table 3. Measurement Model.

Construct Item Code Factor Loading Composite Reliability Average Variance Extracted

ETC1 0.785

0.943 0.524Ecotourism

ETC2 0.780
ETC3 0.774
ETC4 0.799
ETC5 0.791
ETC6 0.818
ETC7 0.770

ETCD1 0.859
ETCD2 0.872
ETCD3 0.835
ETCD4 0.818
ETEE1 0.864
ETEE2 0.846
ETEE3 0.850
ETEE4 0.750

Mobile Applications
MB3 0.844

0.887 0.724MB4 0.888
MB5 0.819

SEO

SEO1 0.759

0.874 0.634
SEO2 0.809
SEO3 0.759
SEO4 0.815

Blogging

Blog1 0.670

0.823 0.541
Blog3 0.631
Blog4 0.845
Blog5 0.775

Social Media

SM1 0.764

0.907 0.523

SM2 0.776
SM3 0.723
SM4 0.764
SM5 0.795
SM6 0.671
SM7 0.563
SM8 0.677

SM10 0.746

Destination Image

DI 0.732
0.915

0.576

DI2 0.722
DI3 0.723
DI4 0.704
DI5 0.762
DI6 0.784
DI7 0.827
DI8 0.807

Table 4. Fornell–Larcker Criterion.

Constructs Blogging Destination Image Ecotourism Mobile Applications Search Engine Optimisation Social Media

Blogging 0.735
Destination Image 0.487 0.759

Ecotourism 0.526 0.625 0.724
Mobile

Applications 0.527 0.628 0.499 0.851

Search Engine
Optimization 0.509 0.496 0.470 0.478 0.796

Social Media 0.559 0.715 0.600 0.661 0.569 0.723
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4.8. Discriminant Validity

The extent to which an instrument has a truly distinct notion from all others is discrimi-
nant validity [67]. The amount to which similar concepts have unique values is discriminant
validity. It indicates that a construct is one-of-a-kind and that its logic is mirrored in the
model. Discriminant validity is proven when the square root of the Average Variance
Extraction surpasses the value of interconstruct correlations. In this study, two criteria were
employed to assess the discriminant validity of the components. Cross-loadings and the
Fornell–Larcker criterion were utilised [67,71]. According to the Fornell–Larcker criterion,
the square root of the Average Variance Extraction of each latent construct is more essential
than the latent interconstruct correlation with other latent variables in the model [67]

In contrast, cross-loadings on the pointers’ outer loading on the linked build are more
significant than loadings on additional structures. Table 4 explains the Fornell–Larcker
criterion for discriminant validity, and Table 5 shows cross-loadings for all constructs. As
shown in Table 4 of the Fornell-Lacker criterion, the square root of the Average Variance
Extraction of each latent construct is greater than the latent interconstruct correlation with
another latent variable in the model. In Table 4 on cross-loadings, the outer loading of the
indicators on the linked construct is greater than the other construct loadings. These tests
have revealed that the discriminant validity of all constructs is adequate.

Table 5. Cross Loadings of the Items.

Construct Blogging Destination Image Ecotourism Mobile Applications Search Engine Optimization Social Media

Blog1 0.670 0.295 0.360 0.372 0.307 0.357
Blog3 0.631 0.319 0.266 0.361 0.310 0.390
Blog4 0.845 0.420 0.420 0.443 0.449 0.451
Blog5 0.775 0.386 0.472 0.378 0.409 0.443
DI1 0.409 0.732 0.529 0.483 0.481 0.539
DI2 0.348 0.722 0.518 0.446 0.397 0.503
DI3 0.346 0.723 0.440 0.510 0.416 0.540
DI4 0.304 0.704 0.379 0.428 0.281 0.534
DI5 0.382 0.762 0.451 0.504 0.348 0.560
DI6 0.406 0.784 0.483 0.498 0.325 0.536
DI7 0.369 0.827 0.488 0.467 0.369 0.539
DI8 0.381 0.807 0.491 0.469 0.376 0.588

ETC2 0.376 0.502 0.719 0.355 0.310 0.407
ETC3 0.357 0.405 0.693 0.326 0.275 0.368
ETC4 0.345 0.437 0.722 0.354 0.375 0.439
ETC5 0.371 0.473 0.713 0.338 0.384 0.437
ETC6 0.371 0.526 0.800 0.394 0.363 0.482
ETC1 0.312 0.443 0.683 0.341 0.283 0.390
ETC7 0.367 0.435 0.765 0.351 0.309 0.407

ETCD1 0.314 0.403 0.762 0.328 0.287 0.394
ETCD2 0.359 0.430 0.754 0.366 0.291 0.436
ETCD3 0.357 0.418 0.742 0.345 0.357 0.420
ETCD4 0.367 0.418 0.722 0.371 0.329 0.430
ETEE1 0.475 0.522 0.745 0.381 0.426 0.480
ETEE2 0.458 0.469 0.708 0.394 0.431 0.511
ETEE3 0.448 0.506 0.701 0.384 0.368 0.489
ETEE4 0.438 0.389 0.609 0.388 0.299 0.416
Mob3 0.437 0.491 0.364 0.844 0.382 0.508
Mob4 0.467 0.535 0.420 0.888 0.422 0.565
Mob5 0.439 0.568 0.477 0.819 0.412 0.603
SEO1 0.404 0.412 0.426 0.415 0.759 0.510
SEO2 0.425 0.395 0.377 0.327 0.809 0.420
SEO3 0.352 0.372 0.348 0.338 0.801 0.397
SEO4 0.435 0.395 0.335 0.437 0.815 0.476
SM1 0.480 0.575 0.477 0.570 0.457 0.764

SM10 0.425 0.560 0.428 0.529 0.413 0.746
SM2 0.518 0.537 0.487 0.523 0.442 0.776
SM3 0.419 0.438 0.414 0.436 0.408 0.723
SM4 0.429 0.530 0.423 0.555 0.449 0.764
SM5 0.444 0.544 0.419 0.520 0.483 0.795
SM6 0.292 0.545 0.441 0.440 0.336 0.671
SM7 0.234 0.389 0.311 0.315 0.297 0.563
SM8 0.352 0.498 0.475 0.367 0.394 0.677

4.9. Assessment of te hStructural Model

Once the measurement of the exterior models has been demonstrated to be reliable and
valid, the structural or inner models are reviewed. The procedure would include analysing
the model’s prediction skills and the linkages among the components [67]. In other words, a
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structural model evaluation is carried out to put the postulated relationship inside the inner
model to the test. The measuring model in this study is depicted in Figure 2, which contains
the independent, dependent, and mediating variables. The postulated relations among
constructs in the recent analyses are defined by three criteria, Coefficient of Determination
(R2) of endogenous constructs, Effect Size (ƒ2), and Path Coefficients.

4.10. Coefficient of Determination (R2)

The R2 score reflects how well the appropriate model explains the variation in the
dependent variables—the higher the R2 value, the better the structural model in forecasting
the future. The primary purpose of PLS-SEM is to enhance the R2, since the goal is to
explain the endogenous latent variable. According to J. F. Hair et al. [67], the range of R2 is
0 to 1, with values of 0.75, 0.50, and 0.25 indicating considerable, moderate, and modest
predictive accuracy, respectively. Table 6 displays the R2 values for endogenous constructs.

Table 6. Coefficient of Determination (R2).

Construct R Square R Square Adjusted Effect

Destination Image 0.561 0.556 Strong
Ecotourism 0.48 0.472 Moderate

The current research results show that the R2 value for destination image is 0.556,
which is strong, and for ecotourism, it is 0.472, which is moderate.

4.11. Effect Size (f2)

Furthermore, the R2 values of every endogenic component and the effect size of a
predictor latent construct at the structural level were studied to assess model fitness in the
current work. In this investigation, the effect size (f2) determines if the missing construct
substantially impacts the endogenous components. To calculate effect magnitude, multiply
R2 by the amount of variation in the endogenous latent variable that remains unexplained.
Cohen (1988) defined small, moderate, and significant effects as two values of 0.02–0.14,
0.15–0.34, and greater than 0.35. Table 7 shows the two values for each path. Table 7 below
presents the ƒ2 value for each path. The effect size varies from a minimum of 0.003 for
blogging and destination images to a high of 0.238 for social media destination images.

Table 7. Result for Effect Size (f2).

Path Effect Size Effect

Blogging→ Destination image 0.003 Small
Blogging→ Ecotourism 0.050 Small
Destination Image→ Ecotourism 0.100 Small
Search Engine Optimization→ Destination image 0.009 Small
Search Engine Optimization→ Ecotourism 0.008 Small
Social Media→ Destination image 0.238 Strong
Social Media→ Ecotourism 0.023 Small
Mobile Applications→ Destination image 0.073 Small
Mobile Applications→ Ecotourism 0.050 Small

4.12. Path Coefficients

PLS-SEM uses the path coefficient to evaluate the strength and significance of antici-
pated links between latent components. Structural model connections are calculated using
standardised values between −1 and +1, with coefficients closer to +1 suggesting a robust
positive association and coefficients closer to −1 indicating a strong negative relationship.
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4.13. Hypothesis Testing

OLS beta coefficients are another name for these path coefficients (Ordinary Least
Square). The bootstrapping approach is used to compute the empirical t-value for the route
coefficients to test the significance of anticipated connections. As a result, the significance
is crucial, as it would want managerial attention. Table 8 summarises the findings of
hypothesis testing. This study model may investigate the relationship between blogging,
mobile applications, search engine optimisation, social media, destination image, and
ecotourism. Figure 3 shows the results of the structural model.

Table 8. Results of the direct relationship of hypothesis testing.

Path Path Coefficient Standard Deviation T Statistics p Values 2.5% 97.5% Result

Blogging→ Destination Image 0.048 0.048 1.004 0.316 −0.043 0.146 Rejected
Blogging→ Ecotourism 0.208 0.051 4.057 0.000 0.112 0.312 Accepted
Destination Image→ Ecotourism 0.345 0.066 5.245 0.000 0.207 0.467 Accepted
Mobile Applications→ Destination Image 0.248 0.053 4.684 0.000 0.137 0.345 Accepted
Mobile Applications→ Ecotourism 0.013 0.057 0.226 0.821 −0.101 0.118 Rejected
Search Engine Optimization→
Destination Image 0.080 0.040 1.991 0.047 −0.003 0.159 Accepted

Search Engine Optimization→ Ecotourism 0.084 0.057 1.476 0.140 −0.025 0.192 Rejected
Social Media→ Destination Image 0.479 0.061 7.820 0.000 0.365 0.603 Accepted
Social Media→ Ecotourism 0.182 0.064 2.850 0.004 0.053 0.297 Accepted
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The current study offered four primary hypotheses to analyse the link between the
variables. According to the hypothesis, the path coefficient for blogging (ecotourism)
was reported as a t-value of 4.057, more than the threshold value of 1.96. The p-value
was reported as 0.000, which is significant at any value less than 0.05. Hypothesis (H1)
was accepted, and blogging has a positive influence on ecotourism. In addition, the path
coefficient for search engine optimisation ecotourism was 0.084, and the t-value was 1.476,
which is less than the threshold value of 1.96, and the p-value was 0.140, which is not
significant at any value less than 0.05. Hypothesis (H2) was shown to be not significant,
and SEO has no positive influence on ecotourism according to the findings of this study.
In addition to this, the path coefficient for mobile applications ecotourism was 0.313, and
the t-value was 0.226, which is less than the threshold value of 1.96, and the p-values were
0.821, which is more than 0.05. Hypothesis (H3) was also rejected, and mobile applications
impact ecotourism. On the other hand, a value less than 0.05 is considered significant for



Sustainability 2022, 14, 7395 14 of 18

the path coefficient for social media (ecotourism was 0.182, and the t-value was reported
as 2.850, which is larger than the threshold value of 1.96, and the p-value was 0.004). This
study indicated that Hypothesis (H4) was correct, and social media positively influenced
ecotourism.

The study’s empirical data rejected Hypothesis (H5), and blogging did not positively
affect destination image. The structural model’s findings are shown in Table 9, which
shows that the path coefficient for blogging→ destination Image is 0.048, the t-value is
1.004 and the p-value is 1.004, all of which are higher than the threshold level. In addition
to this, for search engine optimisation→ destination image, the path coefficient was 0.084,
the t-value was 1.991, and the p-value was 0.047, which was less than the 0.05 significance
threshold. Hypothesis (H6) was accepted based on the outcomes of this study, and search
engine optimisation had a positive impact on destination image. In addition, the path
coefficient for mobile applications→ destination image was 0.248, with a t-value of 4.684
and a p-value of 0.000, which is less than the significance threshold of 0.05. The study’s
empirical findings revealed that Hypothesis (H7) was accepted, and mobile applications
positively impacted destination image.

Table 9. Type of Mediating Effect.

Path Indirect Effect Standard Deviation T Statistics p Values 2.5% 97.5% Result

Blogging→ Destination Image→ Ecotourism 0.016 0.017 0.961 0.337 −0.014 0.054 Rejected
Mobile Applications→ Destination Image→
Ecotourism 0.085 0.026 3.237 0.001 0.038 0.141 Accepted

Search Engine Optimization→ Destination
Image→ Ecotourism 0.028 0.015 1.903 0.057 0.027 −0.001 Rejected

Social Media→ Destination Image→
Ecotourism 0.165 0.036 4.580 0.000 0.098 0.242 Accepted

Furthermore, the path coefficient for social media→ destination image was 0.479, and
the t-value was 7.820, which is more than the threshold value of 1.96, and the p-value was
0.000, which is regarded as significant at any value less than 0.05. The study’s empirical
findings supported Hypothesis (H8), suggesting that social media positively influences
destination image. In addition, the path coefficient for destination image→ ecotourism was
0.345, and the t-value was 5.245, which is larger than the threshold value of 1.96, and the
p-value was 0.000, which is regarded as significant at any value less than 0.05. Hypothesis
(H9) was accepted based on the outcomes of this study, and destination image had a
positive influence on ecotourism. Table 8 illustrates the details of the direct relationship.

4.14. Analysis of the Effect of Mediator

All indirect effects were calculated in the second phase, and their significance was
determined via bootstrapping. All mediators were computed at stage two of the analysis to
analyse the study’s indirect effects. The indirect route coefficient for blogging→ destination
image → ecotourism was 0.016. To determine the relevance of the indirect path, the
researchers used 1000 rounds of bootstrapping. The indirect path’s t-value was 0.961,
with a p-value of 0.337, and the route coefficient was 0.016. However, the upper and
lower confidence bounds are zero, suggesting that the indirect path was significant but
with zero confidence limits. This violates the third condition set out by [72]. Hypothesis
(H10) was ruled out consequently. In addition, the relationship between search engine
optimisation and ecotourism ”demonstrated the immediate effect without inserting the
destination image into the model”. Table 9 shows the results of the mediation analysis.
The indirect route coefficient for search engine optimization → destination image →
ecotourism is 0.028. To determine the relevance of the indirect path, the researchers used
1000 rounds of bootstrapping. According to the findings, the indirect technique has a
value of 1.903 and a p-value of 0.057. This illustrates the insignificance of the indirect
path. Finally, the indirect path coefficient for mobile applications→ destination image→
ecotourism is 0.085. To determine the relevance of the indirect path, the researchers used
1000 rounds of bootstrapping. According to the findings, the indirect path’s t-value was
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3.237, with a p-value of 0.001. This emphasises the significance of the other path. According
to Hypothesis (H13), “destination image impacts the relationship between social media
and ecotourism.” The indirect path coefficient for social media→ destination Image→
ecotourism is 0.165. To determine the relevance of the indirect path, the researcher used
1000 rounds of bootstrapping. According to the findings, the indirect path’s t-value was
4.580, with a p-value of 0.000. This emphasises the significance of the indirect path.

5. Conclusions

This research provides theoretical implications for understanding digital marketing
and ecotourism behaviour. The researchers are primarily interested in researching the
indicators of tourism destination growth with digital marketing to tourists at tourism
destinations [73]. Previous studies have neglected the digital marketing strategies for con-
serving the natural environment, community development, and educational opportunities
connected to natural places with the destination image. Few academics have concentrated
their efforts on conserving natural areas using digital marketing strategies [19]. The current
study used the concept of the Theory of Planned Behaviour and empirically tested the
relationship between digital marketing strategies and ecotourism behaviour based on the
conservation of natural areas, community development, and environmental education.

The current study employed a digital marketing approach to improve ecotourism be-
haviour among visitors to tourist locations [72]. Several organisations have adopted digital
marketing strategies (blogs, mobile applications, search engine optimisation, and social
media) [74]. However, previous research has revealed little evidence of the TPB theoretical
development being applied in digital marketing strategies. The use of digital marketing
strategies to replace attitudes toward subjective norms and perceived behavioural control
is one of the study’s contributions. Digital marketing strategies are employed as the control
behaviour mechanism as a theoretical complement to planned behaviour implementation.
The second contribution of the current study is destination image, which is used as the
intention that leads to actual behaviour. The third development of the current study in the
TPB is that behaviour is employed as ecotourism behaviour.

6. Practical Implications

Furthermore, northern areas of Pakistan are economically underdeveloped and have
a limited number of resources. As tourism grows, the community becomes more active
in extracting natural resources, resulting in deforestation in most natural regions. Digital
marketing strategies can create awareness and education to protect natural areas. The use
of digital media in environmental education conveys the message of responsible behaviour,
which leads to the long-term growth of visitors visiting the northern areas and the local
population. Social media and blogging are extensively utilised to spread information on
ecotourism, offering a fantastic opportunity for locals to use these platforms to promote
the local natural environment, destination image, and cultural values to tourists. This
also benefits the local community economically and sends a message to tourists about
responsible behaviour.

Moreover, the tourist sector may use these findings to attract customers and raise
awareness of the relevance of ecotourism behaviour. They may utilise digital marketing to
protect the environment and encourage sustainable ecotourism behaviour. All players in
the Pakistani tourism sector, including departments, private tour operators, and the hotel
industry, are critical in raising knowledge about tourists’ destination image and behaviour
in these tourist destinations. They can express a message about destination image, such
as how pollution, rubbish, and waste can degrade the natural beauty of these locations.
Tourists can be educated about these essential habits using digital means.

7. Study Limitations

The current research’s aims were met; however, it would not have been feasible
without some limits on the scope of the investigation. First, to circumvent time and
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monetary limitations, the current study employed a small sample size. Most significantly,
COVID-19 created a highly unpredictable environment in which to conduct research. It
was challenging to gather data and replies for the current study due to mobility control
directives. The researchers utilized a random sample of 384 visitors who used digital
marketing strategies and visited any of Pakistan’s three regions. This uncovered a sample
size and sampling process restriction. This restriction may have an impact on the results’
generalisability. The current study results may differ from those obtained with a bigger
sample size and alternative sampling techniques.
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