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A B S T R A C T

Medium- and long-term planning, defined here as 10 years or longer, in the energy and water sectors is fraught
with uncertainty, exacerbated by an accelerating ‘paradigm shift’. The new paradigm is characterised by a
changing climate and rapid adoption of new technologies, accompanied by changes in end-use practices.
Traditional methods (such as econometrics) do not incorporate these diverse and dynamic aspects and perform
poorly when exploring long-term futures. This paper critiques existing methods and explores how inter-
disciplinary insights could provide methodological innovation for exploring future energy and water demand.
The paper identifies four attributes that methods need to capture to reflect at least some of the uncertainty
associated with the paradigm shift: stochastic events, the diversity of behaviour, policy interventions and the ‘co-
evolution’ of the variables affecting demand. Machine-learning methods can account for some of the four
identified attributes and can be further enhanced by insights from across the psychological and social sciences
(human geography and sociology), incorporating rebound effect and the unevenness of demand, and ac-
knowledging the emergent nature of demand. The findings have implications for urban and regional planning of
infrastructure and contribute to current debates on nexus thinking for energy and water resource management.

1. Introduction

1.1. Uncertainties facing the water and energy sectors

Urban and regional infrastructures in the energy and water sectors
tend to have a long lifespan. For this reason, strategic infrastructure-
related planning has long-term consequences, shaping the systems of
provision and demand patterns for decades ahead. Strategic planning is
often enacted in conditions of uncertainty related to political, eco-
nomic, social, technological, legal and environmental factors, com-
monly abbreviated as ‘PESTLE’. While uncertainty is inherent in long
timeframes, a ‘paradigm shift’ is ushering in new uncertainties, with the
provision of water and energy being among the resources affected
[1,2]. This ‘paradigm shift’ refers to a radical change in some of the
PESTLE aspects (particularly environmental, social and technological)
over the lifetime of infrastructures, giving rise to uncertainties not
considered previously. The shift is driven by a combination of dynamic

factors and interactions, including uncertainties about worsening cli-
matic impacts on resources and infrastructure, an increasing probability
of tipping points in the climate system, rapid adoption of new tech-
nologies, societal responses to both climate change mitigation and
impacts, and wider changes in patterns of resource use.

These dynamic factors display the characteristics of ‘deep un-
certainty’. In the context of long-term decision-making, the definition of
deep uncertainty includes three elements: uncertainty about variables
and their probability distributions; uncertainty about the interactions
between those variables; and uncertainty about the consequences of
alternative decisions [3]. This definition of deep uncertainty captures
some of the challenges infrastructure operators face when considering
long term investments in their assets and assessing how future demand
may evolve. Many future-exploring methods rely on historic trends and
relationships which may no longer hold throughout this ‘paradigm
shift’. Accordingly, it is important to consider how these complex sys-
tems can be explored methodically to develop integrative approaches
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reflecting their complexity. This paper follows Cilliers [4] in avoiding a
single definition of complexity, which would be inherently reductionist,
and in identifying several attributes of complexity instead.

In this paper, the emphasis is placed on studies using 10-year and
longer horizons defined here as a medium to long term – merging the
two temporal scales since both are important for strategic planning.
These horizons are relevant to contemporary strategic planning for two
main reasons. Firstly, due to lock-in [5], decisions on infrastructural
investment made today will influence demand/supply systems several
generations into the future. Energy and water infrastructures in parti-
cular can last up to a hundred years [6–9]. Secondly, significant climate
change impacts are likely to become more apparent towards the end of
the century [10,11]. The long lifespan of assets means that they need to
be robust to climatic changes to avoid supply shortages [12,13].

Considering future uncertainties within water resources manage-
ment, there are concerns about the significant changes to the hydro-
logical cycle [14,15] and to how water resources interact with an
evolving population and other social, political, cultural and technolo-
gical changes [16–18]. In the energy sector, resource availability and
infrastructure are affected by the potential decentralisation of energy
supply and decarbonisation of the fuel mix [2], including renewable
technologies that are intermittent and weather-dependent [19]. Both
sectors are also dealing with the need to modernise decaying urban and
regional infrastructure [8,20], to make traditional infrastructures re-
silient to a changing climate [12,13,21–23], and to develop new de-
centralised infrastructures such as renewable technologies or water-
sensitive cities [24–28].

1.2. Applying nexus thinking across the sectors

Putting aside other elements of the nexus (e.g. food and land), this
study focuses on future demand in energy and water sectors in in-
dustrialised contexts, as these two sectors share specific characteristics
that shape long-term planning. For example, both are resources typically
provided by public utilities; both have historically needed major network
infrastructure development to meet demand; and for both, particularly at
a household level, everyday practices underpinning demand intersect,
such as in the case of hot water used for laundry or showering, cooking
and cleaning. Consequently, when it comes to strategic planning, the
issues faced by decision-makers in the two sectors share similarities and
overlaps, but tend to be governed separately [29].

With the interconnections between energy and water resources being
increasingly recognised [30], both decarbonisation and climate change
would have systemic impacts across the two sectors. For instance, the
installation of carbon capture and storage on coal-fired power plants
would increase overall water demand, while climate change exacerbates
water stress [31–33]. For both water and energy, the impending changes
in demand and supply are complicated by social, economic, environ-
mental and technological uncertainties at a range of scales: from in-
dividuals and households to international and global levels.

While some degree of uncertainty is unavoidable, in the past five
years there have been numerous calls for ‘nexus’ thinking to clarify
these interlinked uncertainties and complexity [34–39]. In the UK and
internationally this is reflected in a range of conferences1 and funding
calls aimed at exploring the water-energy-food nexus challenge
[40–42]. Connected to this programme of work and the burgeoning
international profile of research on the water-energy-food nexus, the
development of new interdisciplinary, cross-sectoral understanding of
energy and water demand is now a strong pillar of the UK Research

Councils supporting a number of dedicated multidisciplinary research
centres, such as The DEMAND Centre and the Centre on Innovation and
Energy Demand [43]. The nexus approach attempts to synthesise in-
sights across knowledge domains, for example, by integrating the areas
of energy and water demand. While there is a proliferation of research
funding being directed to these areas, the challenges remain for
methodological innovation within the field of energy and water de-
mand—the development of shared languages [44,45] and the integra-
tion of methods across ontological divides [46–49]. Through exploring
the approaches currently used to understand future demand and their
ability to provide insights into the challenges of the ‘paradigm shift’,
this paper contributes to developing new interdisciplinary methods.

This paper explores how future energy and water demand is mod-
elled, using the term modelling to encompass both quantitative and
qualitative methods of envisioning future demand, and offers ideas on
improving the modelling techniques, as a basis for supporting long-term
strategic planning. A range of disciplines are brought together, from
across the environmental, psychological and social sciences, to develop
a more sophisticated conceptualisation of demand modelling than exists
currently. This aim is achieved by, first, establishing four main attri-
butes of deep uncertainty to be captured when modelling future energy
and water demand: the diversity of behaviour, stochastic events, policy
interventions and the co-evolution of the variables that shape demand.
Second, the paper develops a comprehensive typology of methods for
exploring future energy and water demand. This new, interdisciplinary,
inter-sectoral typology is used to identify and critique areas of current
modelling to be improved. It uses, as the basis of discussion, the com-
plexity highlighted by the UK Research Councils and Government.
However the findings have salience beyond this national case, as the
focus is on industrialised countries in general. Third, based on the
conceptual areas for improvement identified in existing methods, the
paper offers insights from disciplines (such as psychology, sociology
and human geography) currently under-represented in dominant
modelling methods, to challenge and enrich the methodological possi-
bilities for understanding future water and energy demand.

2. Existing modelling methods and their treatment of uncertainty

By exploring methods of modelling future demand for water and
energy, the paper seeks to identify ways of supporting long-term deci-
sion-making regarding infrastructure investments and to contribute to
the nexus debate. While not all strategic decision-making in relation to
demand depends on modelling future demand—decisions are often based
on expert opinions or rules of thumb—it is increasingly used as a way to
support planning [50,51]. In this paper, modelling is framed as ways of
imagining (not necessarily forecasting) future demand. Such approaches
are usually quantitative and use programmable machines, although
modelling can also be qualitative in nature or take advantage of mixed
methods, and they do not necessarily provide ‘one’ answer, more often
producing a range of plausible representations of future demand [51].

In the past two decades, modelling has experienced its own para-
digm shift, with more powerful computing capacity and better avail-
ability of input data (such as regional climate forecasts) than in the
past. Despite a proliferation of models, few studies explore the totality
of modelling methods across both quantitative and qualitative dis-
ciplines within the energy-water nexus. The dominance of a particular
type of economics is still evident and shapes representations of energy
and water futures within policy domains [52,53]. Poor representation
of rapid change, of the diversity of practices and behaviour, and of
societal responses to uncertainty and change highlight the need for
more integrative approaches [1,54–57]. These limitations suggest that
demand-side uncertainty is particularly difficult to capture in futures
studies (i.e. studies that explore futures) when relying solely on main-
stream economics. The attempts to deepen interdisciplinary and
transdisciplinary demand modelling approaches remain a niche min-
ority, although a range of new approaches are emerging [51,58]. Since

1 Examples of nexus conferences and events include the International
Conference on Sustainability in the Water-Energy-Food Nexus, May 2014, in Bonn,
Germany; the Energy Water Food Nexus International Summit, March 2015, in
Florida, USA; and the Nexus 2018: Water, Food, Energy and Climate, April 2018,
in North Carolina, USA.
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addressing the socio-technical complexities of demand-side manage-
ment is increasingly seen as an essential way to promote a less resource-
intensive society [54,59–64], this article discusses how to improve the
representation of future demand in modelling to inform strategic
planning in the water and energy sectors.

There are many types of uncertainty, depending on whether it is
categorised by its location, level or nature [65]. The main types are
parametric (uncertainty in a model’s parameters, or inputs, such as
weather forecasts or population projections that have a range of potential
future values rather than a single value) and structural (uncertainty about
whether a model appropriately reflects the real world). Much literature
focuses on dealing with parametric uncertainty [66,67], whereas struc-
tural uncertainty is less well explored [68,69]. Some ways of dealing
with structural uncertainty are experimentation and expert input, where
social science insights might be particularly relevant, leading to a truer
representation of diverse socio-technical realities in models.

In relation to uncertainty, literature on demand-side modelling
identifies a number of limitations that models grapple with, including
unusual peak consumption days (such as during football matches or a
royal wedding) [70], informal economies and inequalities [71], pene-
tration of renewables [72] and water quality [73]. Additional quantita-
tive data and field measurements would enhance the modelling of energy
and water demand; however, qualitative sources of insight such as case
studies, expert interviews, and social practice theory are also mentioned
as essential and under-used [70,71,74]. As methods used for exploring
future energy and water demand strongly affect planning and decisions
in these sectors, it is important to continue refining, expanding and im-
proving such methods to ensure relevant and state-of-the-art insights.

3. Methods

The methods used in this study included a literature review, a survey
of academic experts and two interdisciplinary expert workshops. Firstly a
non-systematic literature review was used to identify attributes of coupled
human and natural systems [75,76]. This was followed by a systematic
review of typologies of methods for exploring future energy and water
demand, to derive an aggregate typology (Fig. 1). The expert survey in-
formed initial development of the typology, including its preliminary
structure and suggestions of further literature to consult. An updated ty-
pology was then presented to the experts at the workshops who added
extra methods (such as multicriteria decision analysis) that they thought
were absent in the typologies found in the literature. In addition, the ex-
pert workshops together with relevant literature were used to identify
which of the methods were amenable to representing the attributes of
coupled natural and human systems earlier selected. Finally, the section on
insights from psychological and social sciences regarding these attributes
was developed through non-systematic literature review across social
science disciplines of sociology, psychology and human geography.

3.1. Identifying the attributes of coupled natural and human systems

Within the framework of interactions between human and natural
systems, House-Peters and Chang [77, and references therein] identify the
following four themes to reflect such dynamics: scale, uncertainty, non-
linearity and dynamic processes. Other studies [54,78] identify further
themes that may need to be captured by research methods exploring
longer-term future demand for energy and water: systemic change, sto-
chastic events, path dependency, people’s behaviour, policy interventions,
emergent qualities, infrastructural changes, temporal scales (e.g. short-,
medium- and long-term) and spatial levels (e.g. local, regional, national
and global), as well as interactions between these attributes.

Many of these themes are highly intertwined and insufficiently
specific to be useful for improving a model’s ability to represent rapid
and systemic change. To short-list attributes useful for the purposes of
this paper, the following three criteria were used. Firstly, each attribute
should correspond to one of the key drivers of the paradigm shift

identified in the Introduction. Secondly, each selected attribute should
be distinct, i.e. not have significant overlaps with the other selected
attributes. Finally, an attribute should be specific enough to be usefully
defined and provide variables2 that can potentially become part of a
modelling environment. Each of the themes in the previous paragraph
were qualitatively scored against these three criteria, and the four at-
tributes eventually selected (Table 1) were given new names to dis-
tinguish them from the themes identified in the literature. The attri-
butes were then used as an analysis framework when evaluating how
well the methods in the typology (Fig. 1) integrated those attributes.

3.2. Development of a typology of demand-focused methods

Following the development of the attributes, a systematic literature
review of peer-reviewed journal papers on methods of demand modelling
was conducted, in order to identify those that may fulfil the attributes and
work across nexus boundaries. The aim was to develop a comprehensive
typology of demand-based methods across energy and water studies, with
a focus on exploratory methods suitable for long timeframes. The data-
bases and search engines accessed included Scopus, Google Scholar and
Science Direct. Scopus (719 hits) was used as the main search engine,
given that it captures the majority of peer-reviewed journals in the re-
levant areas. Google Scholar then helped to identify relevant grey litera-
ture e.g. reports that also presented typologies. The search keywords
covered combinations of ‘typology’, ‘forecasting’, ‘forecast’, ‘prediction’,
‘predicted’, ‘demand’, ‘energy’, ‘power’, ‘electricity’, ‘water’, ‘future’, ‘be-
haviour’/‘behavior’ and technique names such as ‘agent-based modelling’
(see Fig. 1) used with Boolean operators ‘AND’ and ‘OR’. The search
keywords were determined by the research objectives of this study dis-
cussed in the introduction and literature review sections.

The primary selection criterion was that each study should present a
typology for exploring future demand in the area of either energy or
water, rather than the application of a particular method. The studies
that contained typologies or taxonomies of anything other than methods
for exploring future demand (e.g. a typology of skills or a taxonomy of
compensating customers in the energy industry) were excluded. A gen-
eral selection principle was saturation, representing a point at which
further literature search stopped contributing new insights to the crea-
tion of a comprehensive typology of energy and water demand futures
modelling methods. In total, six peer-reviewed typologies (cited in the
caption of Fig. 1) were selected and combined into an aggregate typology
presented in Section 5. To this end, we applied a ‘framework synthesis’,
which required the establishment of a framework in advance of synthe-
sising the literature, while keeping the framework flexible in order to
absorb new findings [79]. In our case, this a priori framework had been
based on an expert survey of 13 interdisciplinary scholars across the
University of Manchester who were engaged with energy and water
demand research. Participants were recruited by email, telephone and in
person from across the physical and social sciences, including engineers,
computer scientists, economists, human geographers, sociologists, and
psychologists. The survey used the SurveyMonkey platform and had a
100% completion rate i.e. all 13 experts responded.

The survey generated data on the range of techniques, methods and
data sources used to understand the future energy and water demand by
researchers from different disciplines. The survey included questions on
the advantages, limitations and uncertainties of each of these methods
alongside questions on how data was analysed and used. Particular
attention was paid to the representation of ‘behaviour’ across the dis-
ciplines, and the conceptualisation of ‘demand’.

The typology was then further developed and refined during two
interdisciplinary expert workshops. The workshops were conducted to

2 A ‘variable’ in a modelling context would be a placeholder (usually denoted
by an alphabetic character such as x or y) that can assume a given quantitative
or qualitative value in a model.
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discuss and validate the findings of the survey and the emerging ty-
pology (workshop 1), and explore which methods were employed, or
under-used, within non-academic water and energy sectors (workshop
2). The first workshop included the respondents that took part in the
expert survey, whereas the second workshop engaged both academic
and non-academic stakeholders who applied modelling techniques to
the UK’s energy and water industries. During the first workshop, par-
ticipants critiqued a survey-informed version of the typology and con-
tributed several methods to it, such as the Delphi method, multicriteria
decision analysis, and meta-analysis. The second workshop helped to
identify knowledge gaps relevant for practitioners. During this work-
shop, the non-academic stakeholders’ contribution was in verifying
whether certain methods of exploring future demand were under-used
in the private sector (in addition to academic literature in this field).
The stakeholders were selected based on their long-term experience and
the authors’ contacts in the energy and water sectors.

Finally, examples of each of the methods in the developed typology
were identified through a narrative literature review. In this instance
the key selection criterion was that each study should use a particular
method in Fig. 1, or a combination thereof, for exploring future demand
in the area of either energy or water. Recent examples of modelling
methods i.e. those published since 2000 were predominantly selected
(34 studies), although in two instances older studies were chosen where
more recent relevant work could not be identified.

4. Attributes of coupled natural and human systems under deep
uncertainty

The ongoing paradigm shift and the need to inform planning in the
medium to long term present a challenge to existing decision-support
models and tools. It is essential for both demand-related research and
policy that modelling reflects these uncertainties and dynamics. To
achieve it, this section explores what qualities (termed here as ‘attri-
butes’) of the human and natural systems [75,76] can help to represent
uncertainty of future demand in planning and decision-support tools for
the energy and water sectors.

Based on the literature and selection criteria considered in the
methods section, four attributes have been identified, named here as
‘stochastic events’, ‘diversity of behaviour’, ‘policy interventions’ and
‘co-evolution’. Table 1 summarises the sources of uncertainty captured
within each of the four attributes and gives examples of variables re-
lated to those attributes that can help to explore energy and water
demand under conditions of deep uncertainty. The first three attributes
include examples that can be categorised as input variables for models
(see the final column of Table 1), while ‘co-evolution’ covers key re-
lationships between the variables ensuring that those relationships are
not simplified to the extent where the reality is compromised. Re-
lationships between the attributes include, for example, the effects that
policy interventions can have on technological breakthroughs and on
practices, or the ways that diversity of behaviour drives social unrest or
changes in service provision.

The unpredictability and randomness element relates to the first of
the four selected attributes, ‘stochastic events’ – a concept that climate
change science borrows from statistics. This term usually refers to cli-
mate change impacts that are difficult to predict, such as extreme
weather events that may cause immediate disruptions and fluctuations
in the energy and water supply. House-Peters and Chang [77] contrast
stochastic events with changes in income and demographics that tend
to influence demand gradually, with the impact being spread across
several years. Stochastic events can be reflected in models as system
shocks whose effect may be either one-off or lasting. Examples of
variables for ‘stochastic events’ to be represented in models include a
stochastic (as opposed to deterministic) representation of climate
change impacts, technological breakthroughs or social unrest.

The second attribute is the ‘diversity of behaviour’. This paper
adopts the concept ‘diversity of behaviour’, rather than ‘individual
behaviour’, with the intention to capture behavioural patterns at a
systems level. Such patterns arise because particular ways of doing
things are embedded within the surrounding systems i.e. infra-
structures, institutions, social norms and the rule of law [80]. This
concept reflects the diversity of people’s actions in relation to the re-
sources they consume, and why. Explanations for why people engage in
particular forms of resource consumption vary substantially along
theoretical and disciplinary lines (further discussed in the ‘Insights from
social science approaches’ section below). Examples of variables for
‘diversity of behaviour’ to be represented when modelling future de-
mand include such impacts on demand as social networks exerting
group/peer pressure; attitudes towards energy and water conservation;
social practices related to the dynamics of everyday life; the diffusion of
information and consumer classifications e.g. ‘early adopters’ of tech-
nology.

‘Policy interventions’ is the third attribute identified here. This at-
tribute is broader than the first two as it can contribute to nonlinearity,
produce new system dynamics, and partly capture infrastructural
change and systemic transformation. The challenge is to establish how
long the effect of policy interventions would last, how it would perco-
late through the system, what other elements of the system would be
affected, and what feedback loops would emerge. These questions are
also valid for the first two attributes and are explicitly captured in the
final attribute, ‘co-evolution’. Examples of variables for the ‘policy in-
terventions’ attribute are standards for fuel and water efficiency, a feed-
in tariff or a carbon tax.

This paper defines the fourth attribute, ‘co-evolution’, as the way
that infrastructures, technologies, institutions and practices jointly de-
velop in a nonlinear manner over time. The concept of co-evolution is to
capture key interactions, relationships and feedback loops between
variables specified within the previous three attributes (i.e. stochastic
events, diversity of behaviour and policy interventions). In particular, a
feedback loop arises when some of the information about a process is
fed back to a starting point of the process, affecting that starting point;
i.e. the response of a system affects inputs into that system. Socio-eco-
nomic systems display various aspects of co-evolution. For example,

Table 1
The four attributes of socio-natural systems with examples of variables that models could represent as proxies for sources of uncertainty.
Source: own analysis.

Attribute Sources of uncertainty captured Examples of variables to be represented in models

Stochastic events Unpredictability, randomness, qualities arising unexpectedly. A stochastic (as opposed to deterministic) representation of climate change impacts,
technological breakthroughs, social unrest, economic crises.

Diversity of behaviour Human behaviour (from individual behaviour to behavioural
patterns and practices at a population/systems level).

Social networks exerting group/peer pressure; attitudes towards energy and water
conservation, consumer classifications, diffusion of information, social and cultural
norms.

Policy interventions Planned ‘shocks’ with unpredictable, particularly unintended,
consequences.

Standards for fuel and water efficiency, a feed-in tariff, a carbon tax, changes in levels
of service provision.

Co-evolution Interactions and feedback loops, path dependency, emergence,
temporal scales, non-linear developments.

Key relationships and interactions between the variables specified within the other
three attributes.
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supply and demand are said to co-evolve when increasing supply leads
to a disproportionate increase in demand through raising people’s ex-
pectations of a service [81,82]. These expectations exist at the societal,
rather than individual, level and create multiple flow-on effects in re-
lated sectors. Similarly, the rise of showering as the dominant way of
achieving bodily cleanliness in the UK [83] reflects the co-evolution of
household technologies, wider systems of infrastructure and social
norms and expectations for cleanliness and comfort [84]. With socio-
economic systems being strongly coupled with biophysical systems,
they constantly co-evolve and adapt to ongoing changes [85]. At the
very least, modelled variables within the ‘co-evolution’ attribute should
attempt to capture interactions and feedbacks between new technolo-
gies, policy interventions, the changing climate and the diversity of
emerging behaviours.

5. A typology of demand-focused methods in the water and energy
sectors

Before assessing how existing methods can represent the four at-
tributes identified so far, this subsection consolidates method typolo-
gies from the literature, the expert survey and the first workshop, to
help broaden the ‘menu’ of methods available. The new comprehensive
typology (Fig. 1) devised for the purposes of this paper draws on the
method classifications frequently applied to studying both energy and
water demand. Such classifications typically address a particular area of
application (either water or energy) within a specific time horizon
(short, medium or long term); however qualitative and mixed methods
are often not well represented. This research finds that studies of both
future water and energy demand rely on broadly similar modelling
methods and explore comparable timeframes. Typical classifications
[77,86] are dominated by methods from two main groups named here
as ‘traditional statistical/mathematical methods’ and ‘machine-learning
methods’, occasionally adding some qualitative or mixed methods, such
as the Delphi technique and conceptual models.

In the new typology (Fig. 1), the integrated method classifications
from the literature are augmented with complementary qualitative and
mixed methods such as multicriteria decision analysis and transitions
theory, as discussed by the experts on demand modelling at the work-
shops. The ‘Misc.’ (miscellaneous) branch of the typology has been

created based on Bhattacharyya [87] who classifies methods for energy
demand forecasting into ‘simple’ and ‘advanced’. He covers both end-
use and input-output modelling in the advanced group, alongside
econometric models that are included here in the ‘traditional statistical/
mathematical methods’. Examples of his ‘simple’ methods are trend
analysis and direct surveys. The only qualitative or mixed method
Bhattacharyya [87] suggests is scenario analysis. In general, his simple-
vs.-advanced classification is insufficiently detailed for the purposes of
this paper, as this classification does not reveal the principles that un-
derlie particular modelling methods (e.g. whether it is simple mathe-
matics, or mathematics combined with qualitative methods and re-
quiring significant computing capacity, or a combination of simple
qualitative and quantitative methods). While his classification is not
adopted here, the methods discussed by Bhattacharyya [87] are in-
cluded in the typology in Fig. 1.

Memon and Butler [88] offer an alternative classification of
methods for forecasting water demand, implying a direct correlation
between time horizons and data intensity. They argue that long-term
forecasting requires conceptual techniques and relatively little data,
while short-term forecasting calls for data-intensive methods [88].
Their short term appears to refer to hourly and daily forecasting; and,
although they do not define ‘long term’ explicitly, their example of
scenario ‘prediction’ refers to 2025 [88]. Examples of methods are
given that “were designed to make long-term predictions” [88], such as
statistical methods, “scenario-based forecasting” and forecasting
methods for “network operations”. Memon and Butler’s [88] idea that
exploring long-term future demand may need to go beyond quantitative
modelling is consistent with the diversity of methods presented in Fig. 1
(for example, ‘conceptual models’ are captured in the ‘Qualitative or
mixed methods’ part of this new typology).

The elements of the typology are neither uniform nor clearly de-
marcated by scope and purpose, indicative of the complexity of
managing resources at the nexus. The key groups of methods overlap
substantially: regression methods draw on time-series analysis, while
machine-learning methods draw on both statistical and qualitative
methods. Other overlapping methods include agent-based models that
combine qualitative and quantitative approaches [49,77]. Generally,
qualitative methods, in addition to being used in a stand-alone fashion,
are often applied in combination with the other three groups [92–94].

Fig. 1. A comprehensive typology of methods used in studies of future energy and water demand. Sources: based on [77,86,87,89–91] and on the results of the expert
survey and two interdisciplinary workshops that took place in June and September 2014.
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For example, some of the qualitative methods are ways of gathering
data (e.g. meta-analyses, direct surveys and Delphi methods); others are
systems of ideas for framing the analysis of future demand (e.g. tran-
sitions theory); yet others are applied to modelling tools (e.g. scenarios).
The term ‘scenarios’ here refers to a particularly broad concept: they are
extensively used in futures studies in combination with virtually all
methods listed in the typology. For example, Memon and Butler [88]
view scenarios as another forecasting technique, which is contested
according to the original and commonly used definition of scenarios
stating that they are non-predictive [95–97].

On balance, traditional statistical methods are still the most
common in futures studies, particularly forecasting, despite machine-
learning methods often having more accurate predictive capacity both
in short and longer terms [86,98,99], due to the ability of machine-
learning methods to better incorporate systemic complexity and inter-
actions. The prevalence of traditional statistical methods confirms the
bias in the way research questions are asked with an in-built agenda
[100] – something that Asdal [101] calls a “shared technical interest” to
solve a problem by generating a number.

The studies reviewed are not always explicit about defining the
timeframe used. Their short-term time horizon varies from real-time to
daily to monthly forecasting, while long term is “one to ten years, and
sometimes up to several decades” [98]. The next subsection will explore
how suitable the methods summarised in Fig. 1 are for informing
strategic planning, bearing in mind the infrastructure lifespan and
significant climate change impacts that will be observed towards the
end of the century.

6. The suitability of key demand-focused methods to supporting
strategic planning

The Introduction discussed the dynamics and conditions of un-
certainty that should underpin emerging research methods to explore
future demand for energy and water. Following the translation of the
uncertainties into the four attributes (Table 1), this subsection analyses
the ability of existing methods summarised in Fig. 1 to capture, at least
to some extent, these dynamics. As a caveat, only typical rather than
potential applications of the methods to the four attributes are dis-
cussed here. This is because, theoretically, machine-learning methods
in particular have almost unlimited possibilities if they are applied
unconventionally, further developed and/or combined with qualitative
or other machine-learning methods [102].

According to the typology literature analysed here, ‘policy inter-
ventions’ is the attribute that most methods try to incorporate
[102,103], followed by ‘stochastic events’ [104,105]. Among the tra-
ditional methods, it is the stochastic models [105–109] that include
these attributes, while causal [110–114] and extrapolation [115–117]
methods appear unable to do so. However, even within the stochastic
methods, consequences of policy interventions tend to be modelled in a
linear way, with little regard for the ‘ripples’ throughout the system (i.e.
consequences of events propagating through the system in unexpected
and non-linear ways). Machine-learning methods [116,118–123] are
reported to be more suitable for taking into account the dynamics and
nonlinearity [77]. These qualities might make machine-based methods
even more useful for strategic decision-support than for prediction [78],
which they tend to be used for. Difficulties for both types of methods
arise when capturing unintended consequences of policies, as well as
when identifying whether policy interventions and stochastic events are
lingering or one-off events.

The diversity of behaviour is another attribute addressed with
varying levels of success. Similar to policy interventions, some of the
methods incorporate it in a reductionist way. For example, stochastic
models use dummy variables to reflect such aspects as gender, race or
age groups, whereas least-cost optimisation accounts for the diversity of
behaviour via ‘rules’ and ‘preferences’. These traditional methods
usually pre-set behaviour based on the ‘rational choice’ theory

[124–126]. By contrast, agent-based modelling is designed to let be-
havioural patterns emerge as a result of individuals’ interactions with
each other and with the environment. The attribute least represented
within the reviewed methods is co-evolution. Only machine-learning
methods attempt to integrate aspects of co-evolution in the form of
feedback loops and interrelationships between variables.

The literature [e.g. [98,127–129] emphasises the limits of tradi-
tional modelling in application to longer-term (beyond ten years) and
systemic issues. With the ongoing ‘paradigm shift’ in mind, machine-
learning methods emerge as more appropriate for this purpose, owing
to their ability to capture dynamic processes, nonlinear interactions and
behavioural patterns [77,86]. At the same time, their disadvantages
include their complexity and data intensity that can compromise the
transparency of the models and obscure the interpretation of results
[77,86]. Of particular interest are the participative methods among the
‘Qualitative or mixed methods’ category in Fig. 1, including interviews
and the Delphi method; literature suggests that appropriately engaging
with stakeholders opens up new ways of exploring futures [130,131].

Problems may arise when specific methods claim to have a purpose
they are not designed to deliver while continuing to inform both policy
and practice. An example of this issue is the UK Water Industry where in
the latest 25 year planning exercise stochastic modelling was used for
the first time to explore supply side planning, but the demand side is
still resolved with deterministic models i.e. extrapolation [132]. In the
energy sector, a similar example is optimisation-based Integrated As-
sessment Models used for the long-term study of energy systems [133].
Such models are inadequate for the purpose of supporting long-term
decision-making under conditions of deep uncertainty and risk mis-
leading non-expert users of these studies.

The issues discussed in this section relate to one of the main aspects
of complex systems – uncertainty. Futures studies (i.e. studies that ex-
plore futures) deal with uncertainty by introducing sensitivity analysis,
scenarios and probability distributions, and by drawing on other dis-
ciplines and qualitative approaches, such as expert review. Some fu-
tures studies and modelling approaches regularly attempt to represent
policy interventions and stochastic events. However, the ‘diversity of
behaviour’ and ‘co-evolution’ perspectives are under-conceptualised in
modelling current and future demand. The next section draws on dis-
ciplines that could inform the integration of these two attributes into
the wider modelling literature. While demand studies in general can
consider changing demand of a range of actors (for example, house-
holders, communities, farmers and businesses), here two bodies of lit-
erature are explored that have specifically focused on household de-
mand and were highlighted during the expert workshops. Both
psychological and sociological sciences emphasise the social, or de-
mand, side that has long been neglected in favour the technologies and
the supply side [134,135]. At the same time, these two relatively dis-
tinct sets of literature speak in different ways to the understanding of
uncertainties presented in Table 1, and to planning and managing water
and energy resources. The forthcoming section is not intended as a
comprehensive review, but rather tentative ideas on how mainstream
and largely quantitative modelling methods can learn from other re-
search areas.

7. Insights from social sciences: cross-disciplinary learning

7.1. Perspectives from social psychology

One prevailing approach to understanding demand has focused on
the individual as a unit of analysis and employed models that seek to
understand pro-environmental behaviour and motivations, and their
impacts on energy and water demand [136–139]. This approach typi-
cally explores how attitudes, beliefs and values shape human beha-
viour, with a focus on the individual’s agency. The rational choice
model and theories of planned behaviour and reasoned action represent
individuals as independent decision-makers. Others, such as the norm
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activation model, allocate a level of agency to social norms, as a per-
son’s behaviour is influenced by their awareness of the consequences of
their actions and their acceptance of personal responsibility [140].

Although this literature increasingly acknowledges the attitude-be-
haviour gap in relation to environmental decision-making [139], the
rational choice model has been influential in both environmental eco-
nomics and policy [e.g. 126] (see [100] for a succinct discussion of why
this model dominates). This view is linked to the information-deficit
model: to make rational choice, individuals need to be provided with
information to assist them with their decisions. This approach is useful
for identifying drivers to behavioural change [140], exploring routines
and conventions of resource use [141], and factoring in ‘rebound ef-
fects’ [142]; for instance, if a person is motivated by values rather than
by money to implement an environmental measure, the rebound effects
might be smaller [143]. The elements of the MINDSPACE framework
(Messenger, Incentives, Norms, Defaults, Priming, Affect, Commit-
ments, Ego) developed for influencing behaviour through policy are
another example of potential inputs in decision-support modelling
[144].

Several criticisms have been levelled at these approaches to re-
source use and pro-environmental behaviour. Jackson [124] argues
that they assume ‘methodological individualism’, where social beha-
viour is understood to be the result of an aggregation of individual
behaviours. The focus on individuals and the relative decline of group
research has been noted historically [145], although organisational
psychology has since started unpacking group dynamics of work teams
and tracing the impacts of adopting energy-related behaviours in
workplaces [146,147]. However, research on resource consumption at
this level of analysis is relatively limited [148]. Therefore, the risk of
modelling future demand from this perspective is that demand at a
population level is seen as a multiplied effect of individual decisions,
divorced from system-level constraints. For example, in relation to the
attributes outlined in Table 1, these theories struggle to analyse changes
in behaviour arising from stochastic events, or to explain behaviour
from the perspective of the co-evolution and interaction of demand and
wider factors. Demand is thus explored in a deterministic way, with the
actions of the individual isolated from their cultural or socio-technical
contexts. While several psychological studies include contextual de-
terminants such as socio-demographic variables in their models
[140,149], this understanding of the social and physical context is
different from the interactive and relational dynamics [150] uncovered
by the ‘co-evolution’ approach.

7.2. Perspectives from sociology and human geography

Given the criticisms directed at the psychological perspective, de-
mand-related developments within sociology and human geography
have been positioned as alternatives [100,151]. These approaches have
emphasised the material and social structures implicit in processes of
consumption, highlighting the way that technologies, infrastructure,
social norms and practices co-evolve across space and time [152–156].
Such perspective provides insight into the processes underpinning his-
torical and current demand for water, energy and other resources. This
insight includes reflections on the social nature of demand (i.e. emer-
ging societal norms on cleanliness, health and thermal comfort), the
material nature of demand (for example, the infrastructures and tech-
nologies linking production and demand), and how demand ‘is done’ in
peoples’ day-to-day lives (i.e. the ways that these practices are ex-
pressed). It provides insights into the diversity of behaviour (practices
as framed in this literature) as understood at a population level. These
perspectives also contribute strongly to understanding how demand co-
evolves in relation to social, cultural and infrastructural elements, and
as a result of policy interventions (Table 1).

The focus of sociological and human geographical approaches, to-
gether representing the main locus of social science research on energy
and water demand, is on how context (e.g. space, place, time) and

structures (material or cultural) give rise to practices, characterised by
the co-evolution attribute described in Section 4 [157,158]. In parti-
cular, such disciplinary perspectives are attentive to notions of differ-
ence and unevenness, within and across societies and space [159]. Work
on energy justice [160–162] highlights the complex historical and
geographically specific constructions of energy production and dis-
tribution, and how these socio-material histories “may be limiting the
current conditions and choices for ethical and sustainable consump-
tion” [160]. The notion of ethics in this literature also extends to in-
tergenerational equities [163] and the gendered politics of research on
demand and climate change [164].

In relation to futures modelling, this research emphasises that the
past-present-future is not an evenly shared or homogenous entity to be
modelled as a singular ‘demand’ outcome [165]. The challenge for fu-
tures studies is to understand how the water and energy supply-demand
systems vary across time and space [82,166]. One could consider a
framework of services, for example how water and energy resources
satisfy human and environmental needs [167,168]. What is considered
a need also changes over space and time [154]. A focus on services
enables policy and scientific discussions to shift from the supply of the
resource to the effects [168,169]. Thinking about services re-focuses
analysis on how complex systems may co-evolve to meet and create
diverse demand effects. Although the co-evolution is methodologically
challenging to capture, some recent methods attempt to consider these
diverse socio-material entanglements, through backcasting and transi-
tion planning of resource use [170,171], developing a population-level
understanding of practice-based changes [169] and including practice
theory in agent-based modelling [74].

8. Conclusions

Strategic planning of energy and water provision has long-term and
far-reaching consequences, as the long lifespan of these infrastructures
shapes patterns of demand and consumption for decades ahead. From
this perspective, demand appears relatively fixed; however, the on-
going major changes in climate, society and technology create an in-
creasingly dynamic environment with manifold effects that themselves
interact to drive demand in different ways. This transformation is
particularly pertinent to energy and water resources, where future de-
mand ought to be explored under conditions of rapid change and deep
uncertainty [3]. This paradigm shift requires new types of research
questions and, accordingly, new ways of answering those questions
[100].

To inform strategic planning in the water and energy sectors, the
interdisciplinary demand literature has called to clarify these un-
certainties, both conceptually and methodologically. However, there
has been little reflection on how ‘demand studies’ on water and energy
represent the uncertainties, and the area has been dominated by
mainstream, quantitative economics. To address this lack of reflection
and to highlight a wider range of methods available, this paper has
developed a comprehensive typology of methods for exploring future
energy and water demand. After identifying the four attributes (‘sto-
chastic events’, ‘diversity of behaviour’, ‘policy interventions’ and ‘co-
evolution’), the paper posits that methods should be able to represent or
capture deep uncertainty; and has provided examples of how insights
from psychological and social science disciplines can assist in con-
ceptualising these uncertainties.

The analysis in this paper has a number of limitations raising further
questions for researchers, policy-makers and industry. In particular,
questions arise as to whether these uncertainties (as attributes pre-
sented in Table 1) can or should be quantified and whether there are
other ways to take them into account in a way that supports more re-
sponsive and effective planning about demand/supply systems. One
challenge is whether to integrate the uncertainties represented in the
attribute ‘co-evolution’ in existing methods, or to keep it as part of the
context. Another example is given by Kandil et al. [86], who warn that
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in fast-developing systems, such as electricity grids in industrialising
economies, many events are unpredictable and not currently quantified,
while existing models still cannot accommodate such information (e.g.,
the liberalisation of the sector). This offers a question for future re-
search and international decision-making as to whether demand-related
models developed for industrialised countries can be applied to the
context of industrialising countries with different policy and regulatory
systems [172,173].

The challenge for research on futures studies (i.e. studies that ex-
plore futures) for the nexus of energy and water demand is two-fold:
whether, and how, methodological approaches to future studies capture
complexities and co-evolution, and how more sophisticated futures
studies can be used by policy makers and decision makers. Demand-
modelling methods are designed for various purposes (e.g. to reveal
surprises and complexity, to characterise possibility space or to provide
forecasts) and different scales and scopes (e.g., global, local, a systemic/
integrated problem or a single issue) [174]. Future demand is just one
element of the information taken into account by decision-makers when
planning new infrastructure. Decision-makers are often presented with
a range of investment options with respect to infrastructure develop-
ment within the context of deep uncertainty that renders optimisation
techniques that rely upon known values and probabilities impractical
[127]. Accordingly, new ways of engaging with the complexities and
uncertainties (co-evolution) are needed to prepare our supply-demand
systems in a way that is ‘resilient’ to future climatic and other social/
technological changes.

Given that both ‘diversity of behaviour’ and ‘co-evolution’ are cur-
rently under-represented within the modelling literature, it is important
to reflect on the nature of this conceptual and empirical gap and op-
portunities for further integration. The lack of application of these ap-
proaches in interdisciplinary research on the water-energy nexus is
partly due to how the future, and the scale of analysis, is conceptualised
in the majority of modelling literature. For example, co-evolution ap-
proaches consider the future to be emergent and changeable
[169,175,176], even though history continues to have some influence
on the future, such as infrastructure legacies. By contrast, modelling
perspectives largely carry forward historical configurations as the
baseline for the future. Histories of relationships between infra-
structures, social factors and practices have shown that the precise
configuration of ‘future practices’ is in itself unpredictable. The litera-
ture engaging with ideas about co-evolution does enable a different set
of questions to be asked about the implication for demand of material,
social and policy investments in the water and energy sectors. While
they have not been applied in any systematic way to futures studies and
demand modelling, it does not mean that it cannot be so. The challenge
for the researchers and modellers working in the areas of energy and
water demand is to experiment with new conceptual and methodolo-
gical resources that accommodate such dynamic uncertainties, un-
evenness and complexities.

The analysis of current methods highlights that no single method is
able to meet all the attributes of stochastic events, diversity of beha-
viour, policy interventions, and co-evolution. Instead, a combination of
both quantitative and qualitative methods may genuinely be able to
address the four attributes of deep uncertainty. Such whole-systems
approaches should ideally reflect the nexus thinking across the energy
and water sectors, and be enhanced with interdisciplinary insights. This
would change the balance of modelling from focusing predominantly
on technology and isolated individuals towards systems thinking. For
example, combining simulation models with participative methods
(such as quantitative and qualitative engagement of stakeholders)
would provide more information about people’s interactions with the
system, better reflect the complexity of the real world, and potentially
increase buy-in for infrastructure projects [177].

The principal disadvantage of combining or even integrating dif-
ferent methods is that it can be expensive, time-consuming and logis-
tically challenging (for example, when gathering advice from

international experts). In addition, some insights from sociology and
human geography may baffle policy-makers [124], as quantitative
outputs of traditional models are arguably easier to convert into po-
licies, thereby perpetuating in-built agendas of dominant methods
[100] and avoiding systemic changes. However, ultimately the aim of
broadening the range of social science methods in use is to address the
paradigm shift through challenging the current “shared technical in-
terest” [101] of both policy and methods in producing incremental
change.

Rather than attempting to predict the future and then plan accord-
ingly, methods should seek to assess and challenge policy and planning
options in relation to pertinent parameters (e.g. climate impacts, capital
and operational costs, legislative and environmental factors, socio-cul-
tural shifts, in addition to future demand and supply information) with
the aim to identify strategies which are robust to the uncertainties
within these parameters. In particular, it is necessary to represent future
demand through multiple plausible futures reflecting the unevenness of
the futures and their emergent nature. The challenge for those in-
vestigating future demand under these circumstances is to capture as
far as is reasonable a range of both quantitative and qualitative char-
acteristics of demand including extremes, not solely a ‘best estimate’.
The ranges of futures derived need to be regularly reviewed and
adapted, as new data and circumstances arise. In summary, considering
a range of futures, involving stakeholders and adaptivity are essential
for improving the ability of futures studies to envision surprises and
inform planning and long-term policy-making across the energy and
water sectors.

Acknowledgements

This research was funded by the University of Manchester Research
Institute (UMRI). We would like to acknowledge the interdisciplinary
academic participants of our first workshop on ‘Mapping Expertise in
Water and Energy Demand Research across the University of
Manchester’ on 25 June 2014 who commented on and added to the
typology of future studies for energy and water demand presented in
this paper. With thanks to John Moriarty, Ben Anderson, John Brooke,
Paul Dewick, Paul Gilbert, Ralitsa Hiteva, Zehui Jin, Richard Kingston,
Alexandros Maziotis, Hazel Pettifor and Thomas Roberts, for the valu-
able contribution to the workshops and discussions that have informed
our thinking within this paper. Additional thanks to our facilitators Gill
Fenna and Louise Marix Evans.

References

[1] B. Korteling, S. Dessai, Z. Kapelan, Using Information-Gap decision theory for
water resources planning under severe uncertainty, Water Resour. Manag. 27 (4)
(2013) 1149–1172.

[2] D. Helm, The New Energy Paradigm, Oxford University Press, Oxford, UK, 2007, p.
544.

[3] R.J. Lempert, S.W. Popper, S.C. Bankes, Shaping the Next One Hundred Years:
New Methods for Quantitative, Long-term Policy Analysis, CA: RAND Corporation,
Santa Monica, 2003, p. 210.

[4] P. Cilliers, Complexity theory as a general framework for sustainability science, in:
M. Burns, A. Weaver (Eds.), Exploring Sustainability Science: A Southern African
Perspective, African Sun Media, Stellenbosch, 2008.

[5] W.B. Arthur, Increasing Returns and Path Dependence in the Economy, The
University of Michigan Press, 1994.

[6] C. Paskal, H. Dyer, M.J. Trombetta (Eds.), Washing Away Energy Security: The
Vulnerability of Energy Infrastructure to Environmental Change, in International
Handbook of Energy Security, Edward Elgar Publishing Limited, 2013.

[7] US EPA, Infrastructure Life Expectancy, (2012).
[8] American Water Works Association (AWWA), Dawn of the Replacement Era.

Reinvesting in Drinking Water Infrastructure. An Analysis of Twenty Utilities’
Needs for Repair and Replacement of Drinking Water Infrastructure, American
Water Works Association, Denver, Colorado, 2001.

[9] A. Selvakumar, A. Tafuri, Rehabilitation of aging water infrastructure systems: key
challenges and issues, J. Infrastruct. Syst. 18 (3) (2012) 202–209.

[10] V. Barros, C. Field (Eds.), Intergovernmental Panel on Climate Change (IPCC),
Climate Change 2014: Impacts, Adaptation and Vulnerability, Contribution of
Working Group II to the Fourth Assessment Report of the Intergovernmental Panel
on Climate Change: Cambridge, United Kingdom and New York, NY, USA, 2014.

M. Sharmina et al. Energy Research & Social Science 50 (2019) 18–28

25

http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0005
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0005
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0005
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0010
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0010
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0015
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0015
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0015
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0020
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0020
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0020
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0025
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0025
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0030
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0030
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0030
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0035
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0040
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0040
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0040
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0040
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0045
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0045
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0050
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0050
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0050
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0050


[11] J.M. Murphy, et al., UK Climate Projections (UKCP) Science Report: Climate
Change Projections, Met Office Hadley Centre: Exeter, 2009.

[12] Y.J. Yang, Redefine water infrastructure adaptation to a nonstationary climate, J.
Water Resour. Plan. Manag. 136 (3) (2010) 297–298.

[13] S.N. Chandramowli, F.A. Felder, Impact of climate change on electricity systems
and markets – a review of models and forecasts, Sustain. Energy Technol. Assess. 5
(2014) 62–74.

[14] P.C.D. Milly, et al., Stationarity is dead: whither water management? Science 319
(5863) (2008) 573–574.

[15] J. Sedláček, R. Knutti, Half of the world’s population experience robust changes in
the water cycle for a 2°C warmer world, Environ. Res. Lett. 9 (4) (2014) 044008.

[16] J. Linton, J. Budds, The hydrosocial cycle: defining and mobilizing a relational-
dialectical approach to water, Geoforum 57 (2014) 170–180.

[17] J.J. Schmidt, Historicising the hydrosocial cycle, Water Alternat. 7 (1) (2014)
220–234.

[18] E. Swyngedouw, The political economy and political ecology of the hydro-social
cycle, J. Contemp. Water Res. Educ. 142 (1) (2009) 56–60.

[19] S.C. Pryor, R.J. Barthelmie, Climate change impacts on wind energy: a review,
Renewable Sustainable Energy Rev. 14 (1) (2010) 430–437.

[20] E.M. Ehrlich, B. Landy, Public Works, Public Wealth: New Directions for America’s
Infrastructure. A Report of the CSIS Public Infrastructure Project, The Center for
Strategic and International Studies (CSIS), Washington DC, 2005.

[21] F.R.P. Arrieta, E.E.S. Lora, Influence of ambient temperature on combined-cycle
power-plant performance, Appl. Energy 80 (3) (2005) 261–272.

[22] H. Koch, S. Vögele, Dynamic modelling of water demand, water availability and
adaptation strategies for power plants to global change, Ecol. Econ. 68 (7) (2009)
2031–2039.

[23] Environment Agency, Cooling Water Options for the New Generation of Nuclear
Power Stations in the UK, Environment Agency, Department for Environment,
Food & Rural Affairs, UK, 2010.

[24] B.C. Ferguson, N. Frantzeskaki, R.R. Brown, A strategic program for transitioning
to a Water Sensitive City, Landsc. Urban Plan. 117 (2013) 32–45.

[25] F. de Haan, et al., A socio-technical model to explore urban water systems sce-
narios, Water Sci. Technol. 68 (3) (2013) 714–721.

[26] D. Fam, Z. Sofoulis, Local adaptations in a changing water climate: small-scale
infrastructures, Local Environ. 20 (5) (2015) 525–528.

[27] F.A. Memon, S. Ward (Eds.), Alternative Water Supply Systems, The International
Water Association (IWA) Publishing., 2014, p. 496.

[28] S.J. Bell, S. Ward, D. Butler, et al., Retrofitting sustainable integrated water
management at household, building and urban scales, in: T. Dixon (Ed.), Urban
Retrofitting for Sustainability, Routledge, Abingdon and New York, 2014, pp.
221–232.

[29] N. Weitz, et al., Closing the governance gaps in the water-energy-food nexus: in-
sights from integrative governance, Glob. Environ. Chang. Part A 45 (2017)
165–173.

[30] D.J. Rodriguez, et al., Thirsty Energy, in Water Papers, The World Bank, 2013.
[31] E.A. Byers, J.W. Hall, J.M. Amezaga, Electricity generation and cooling water use:

UK pathways to 2050, Glob. Environ. Chang. Part A 25 (2014) 16–30.
[32] P.J. Wallis, et al., The water impacts of climate change mitigation measures, Clim.

Change 125 (2) (2014) 209–220.
[33] M. Naughton, R. Darton, F. Fung, Could climate change limit water availability for

coal-fired electricity generation with carbon capture and storage? A UK case study,
Energy Environ. 23 (2-3) (2012) 265–282.

[34] C. Ringler, A. Bhaduri, R. Lawford, The nexus across water, energy, land and food
(WELF): potential for improved resource use efficiency? Curr. Opin. Environ.
Sustain. 5 (6) (2013) 617–624.

[35] M.B. Beck, R.V. Walker, On water security, sustainability, and the water-food-
energy-climate nexus, Front. Environ. Sci. Eng. 7 (5) (2013) 626–639.

[36] C.A. Scott, M. Kurian, J.L. Wescoat Jr., The water-energy-food nexus: Enhancing
adaptive capacity to complex global challenges, in: M. Kurian, R. Ardakanian
(Eds.), Governing the Nexus, Springer International Publishing, 2015, pp. 15–38.

[37] H. Leck, et al., Tracing the water–energy–food Nexus: description, theory and
practice, Geogr. Compass 9 (8) (2015) 445–460.

[38] M. Sharmina, et al., A nexus perspective on competing land demands: wider les-
sons from a UK policy case study, Environ. Sci. Policy 59 (2016) 74–84.

[39] C. Hoolohan, et al., Stepping-up innovations in the water–energy–food nexus: a
case study of anaerobic digestion in the UK, Geogr. J. (2018) 1–15.

[40] Engineering and Physical Sciences Research Council (EPSCR), Sandpit: Water
Energy Food Nexus, 2014 [cited 2016 28 Aug]; Available from: www.epsrc.ac.uk/
funding/calls/sandpitwaterenergyfoodnexus/.

[41] Economic and Social Research Council (ESRC). Centre for Evaluating Complexity
Across the Energy-environment-Food Nexus, (2015) [cited 2016 28 Aug];
Available from: http://www.esrc.ac.uk/files/funding/funding-opportunities/
centre-for-evaluating-complexity/cec-faqs/.

[42] The Nexus Network. The Nexus Network: New Connections in Food, Energy, Water
and the Environment, (2015) [cited 2016 28 Aug]; Available from: http://www.
thenexusnetwork.org/.

[43] Engineering and Physical Sciences Research Council (EPSCR). Research Areas:
Energy Efficiency (end Use Energy Demand), (2016) [cited 2016 25 Aug];
Available from: https://www.epsrc.ac.uk/research/ourportfolio/researchareas/
energyefficiency/.

[44] L.J. Bracken, E.A. Oughton, What do you mean?’ the importance of language in
developing interdisciplinary research, Trans. Inst. Br. Geogr. 31 (3) (2006)
371–382.

[45] R. Cairns, A. Krzywoszynska, Anatomy of a buzzword: the emergence of ‘the
water-energy-food nexus’ in UK natural resource debates, Environ. Sci. Policy 64

(2016) 164–170.
[46] M. Bazilian, et al., Considering the energy, water and food nexus: towards an in-

tegrated modelling approach, Energy Policy 39 (12) (2011) 7896–7906.
[47] S. Nair, et al., Water–energy–greenhouse gas nexus of urban water systems: review

of concepts, state-of-art and methods, Resour. Conserv. Recycl. 89 (0) (2014)
1–10.

[48] L. Sharp, et al., Positivism, post-positivism and domestic water demand: inter-
relating science across the paradigmatic divide, Trans. Inst. Br. Geogr. 36 (4)
(2011) 501–515.

[49] C. Hoolohan, et al., Engaging stakeholders in research to address water–-
energy–food (WEF) nexus challenges, Sustain. Sci. 13 (5) (2018) 1415–1426.

[50] National Grid, UK Future Energy Scenarios: UK Gas and Electricity Transmission,
National Grid, Warwick, UK, 2014.

[51] R. Lawson, et al., The Long Term Potential for Deep Reductions in Household
Water Demand, Ofwat, UK, 2018.

[52] K. Asdal, Enacting things through numbers: taking nature into accounting,
Geoforum 39 (1) (2008) 123–132.

[53] A. Barry, D. Slater, Introduction: the technological economy, Econ. Soc. 31 (2)
(2002) 175–193.

[54] S. Pfenninger, A. Hawkes, J. Keirstead, Energy systems modeling for twenty-first
century energy challenges, Renew. Sustain. Energy Rev. 33 (2014) 74–86.

[55] N. Hughes, N. Strachan, Methodological review of UK and international low
carbon scenarios, Energy Policy 38 (10) (2010) 6056–6065.

[56] N. Graveline, et al., Coping with urban and agriculture water demand uncertainty
in water management plan design: the interest of participatory scenario analysis,
Water Resour. Manag. 28 (10) (2014) 3075–3093.

[57] D. Robinson, Some Trends and Research Needs in Energy and Comfort Prediction,
in Comfort and energy use in building, Windsor, UK, 2006.

[58] S. Higginson, I. Richardson, M. Thomson, Energy Use in the Context of Behaviour
and Practice: the Interdisciplinary Challenge in Modelling Flexible Electricity
Demand, Centre for Renewable Energy Systems Technology, University of
Loughborough, 2011.

[59] G.J. Kramer, M. Haigh, No quick switch to low-carbon energy, Nature 462 (7273)
(2009) 568–569.

[60] Department of Energy and, Climate Change (DECC), D3: Opportunities for
Integrating Demand Side Energy Policies, DECC and the Alliance for Energy
Management (AfEM), 2014.

[61] T. Hinton, J. Thumim, An Analysis of D3 in DECC’s Energy System Models. Report
to Department of Energy & Climate Change, Centre for Sustainable Energy, Bristol,
UK, 2014.

[62] N.W. Arnell, Climate change and water resources in Britain, Clim. Change 39 (1)
(1998) 83–110.

[63] S. Dessai, A. Browne, J.J. Harou, Introduction to the special issue on “Adaptation
and resilience of water systems to an Uncertain Changing climate”, Water Resour.
Manag. 27 (4) (2013) 943–948.

[64] P.H. Gleick, Water in crisis: paths to sustainable water use, Ecol. Appl. 8 (3) (1998)
571–579.

[65] W.E. Walker, et al., Defining uncertainty: a conceptual basis for uncertainty
management in model-based decision support, Integr. Assess. 4 (1) (2003) 5–17.

[66] D.P. Loucks, E. van Beek, Water Resources Systems Planning and Management: An
Introduction to Methods, Models and Applications, United Nations Educational,
Scientific and Cultural Organization (UNESCO), Paris, 2005.

[67] M. Aien, A. Hajebrahimi, M. Fotuhi-Firuzabad, A comprehensive review on un-
certainty modeling techniques in power system studies, Renew. Sustain. Energy
Rev. 57 (2016) 1077–1089.

[68] R.V. Grandhi, C.C. Fischer, Model-form uncertainty quantification for structural
design, Encyclopedia of Earthquake Engineering, Springer, 2014, pp. 1–17.

[69] M. Strong, J.E. Oakley, J. Chilcott, Managing structural uncertainty in health
economic decision models: a discrepancy approach, J. R. Stat. Soc. Ser. C Appl.
Stat. 61 (1) (2012) 25–45.

[70] J. Torriti, A review of time use models of residential electricity demand, Renew.
Sustain. Energy Rev. 37 (2014) 265–272.

[71] S.C. Bhattacharyya, G.R. Timilsina, A review of energy system models, Int. J.
Energy Sect. Manag. 4 (4) (2010) 494–518.

[72] H.A. Li, N.K.C. Nair, Multi-agent Systems and Demand Response: a Systematic
Review, 2015 Australasian Universities Power Engineering Conference (AUPEC),
2015.

[73] E.J.M. Blokker, et al., Importance of demand modelling in network water quality
models: a review, Drink. Water Eng. Sci. 1 (1) (2008) 27–38.

[74] S. Higginson, et al., Diagramming social practice theory: an interdisciplinary ex-
periment exploring practices as networks, Indoor Built Environ. 24 (7) (2015)
950–969.

[75] C.S. Holling, Understanding the complexity of economic, ecological, and social
systems, Ecosystems 4 (5) (2001) 390–405.

[76] L.H. Gunderson, C.S. Holling (Eds.), Panarchy: Understanding Transformations in
Human and Natural Systems. Island Press, Washington, DC, 2002.

[77] L.A. House-Peters, H. Chang, Urban water demand modeling: review of concepts,
methods, and organizing principles, Water Resour. Res. 47 (5) (2011) W05401.

[78] C.S.E. Bale, L. Varga, T.J. Foxon, Energy and complexity: new ways forward, Appl.
Energy 138 (2015) 150–159.

[79] B. Snilstveit, S. Oliver, M. Vojtkova, Narrative approaches to systematic review
and synthesis of evidence for international development policy and practice, J.
Dev. Eff. 4 (3) (2012) 409–429.

[80] E. Shove, M. Pantzar, M. Watson, The Dynamics of Social Practice: Everyday Life
and How It Changes, Sage, London, 2012.

[81] T. Moss, Unearthing water flows, uncovering social relations: introducing new

M. Sharmina et al. Energy Research & Social Science 50 (2019) 18–28

26

http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0055
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0055
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0060
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0060
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0065
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0065
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0065
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0070
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0070
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0075
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0075
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0080
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0080
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0085
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0085
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0090
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0090
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0095
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0095
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0100
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0100
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0100
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0105
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0105
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0110
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0110
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0110
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0115
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0115
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0115
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0120
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0120
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0125
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0125
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0130
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0130
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0135
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0135
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0140
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0140
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0140
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0140
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0145
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0145
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0145
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0150
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0155
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0155
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0160
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0160
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0165
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0165
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0165
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0170
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0170
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0170
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0175
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0175
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0180
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0180
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0180
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0185
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0185
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0190
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0190
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0195
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0195
arxiv:/www.epsrc.ac.uk/funding/calls/sandpitwaterenergyfoodnexus/
arxiv:/www.epsrc.ac.uk/funding/calls/sandpitwaterenergyfoodnexus/
http://www.esrc.ac.uk/files/funding/funding-opportunities/centre-for-evaluating-complexity/cec-faqs/
http://www.esrc.ac.uk/files/funding/funding-opportunities/centre-for-evaluating-complexity/cec-faqs/
http://www.thenexusnetwork.org/
http://www.thenexusnetwork.org/
https://www.epsrc.ac.uk/research/ourportfolio/researchareas/energyefficiency/
https://www.epsrc.ac.uk/research/ourportfolio/researchareas/energyefficiency/
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0220
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0220
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0220
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0225
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0225
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0225
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0230
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0230
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0235
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0235
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0235
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0240
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0240
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0240
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0245
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0245
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0250
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0250
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0255
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0255
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0260
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0260
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0265
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0265
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0270
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0270
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0275
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0275
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0280
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0280
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0280
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0285
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0285
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0290
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0290
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0290
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0290
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0295
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0295
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0300
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0300
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0300
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0305
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0305
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0305
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0310
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0310
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0315
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0315
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0315
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0320
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0320
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0325
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0325
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0330
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0330
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0330
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0335
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0335
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0335
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0340
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0340
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0345
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0345
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0345
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0350
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0350
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0355
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0355
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0360
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0360
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0360
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0365
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0365
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0370
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0370
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0370
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0375
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0375
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0380
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0380
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0385
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0385
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0390
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0390
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0395
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0395
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0395
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0400
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0400
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0405


waste water technologies in Berlin, J. Urban Technol. 7 (1) (2000) 63–84.
[82] T. Moss, ‘Cold spots’ of urban infrastructure: ‘Shrinking’ processes in Eastern

Germany and the modern infrastructural ideal, Int. J. Urban Reg. Res. 32 (2)
(2008) 436–451.

[83] A.L. Browne, et al., Method as intervention: intervening in practice through
qualitative and mixed methodologies, in: Y. Strengers, C. Maller (Eds.), Social
Practices, Intervention and Sustainability: Beyond Behaviour Change, Routledge,
2015, pp. 179–195.

[84] E. Shove, Comfort, Cleanliness and Convenience: the Social Organization of
Normality, Berg Publishers, 2003, p. 236.

[85] C. Folke, et al., Resilience and sustainable development: building adaptive capa-
city in a world of transformations, AMBIO: A J. Hum. Environ. 31 (5) (2002)
437–440.

[86] M.S. Kandil, S.M. El-Debeiky, N.E. Hasanien, Overview and comparison of long-
term forecasting techniques for a fast developing utility: part I, Electr. Power Syst.
Res. 50 (2001) 11–17.

[87] S.C. Bhattacharyya, Energy Economics: Concepts, Issues, Markets and Governance,
Springer, London, 2011.

[88] F.A. Memon, D. Butler, Water consumption trends and demand forecasting tech-
niques, in: D. Butler, F.A. Memon (Eds.), Water Demand Management, IWA
Publishing, London, 2006, pp. 1–26.

[89] A. Muñoz, et al., S. Rebennack (Ed.), Short-Term Forecasting in Power Systems: A
Guided Tour, in Handbook of Power Systems II, Springer, Berlin Heidelberg, 2010,
pp. 129–160.

[90] L.G. Swan, V.I. Ugursal, Modeling of end-use energy consumption in the re-
sidential sector: a review of modeling techniques, Renew. Sustain. Energy Rev. 13
(8) (2009) 1819–1835.

[91] E.A. Donkor, et al., Urban water demand forecasting: review of methods and
models, J. Water Resour. Plan. Manag. 140 (2) (2014) 146–159.

[92] P. Fortes, et al., Long-term energy scenarios: bridging the gap between socio-
economic storylines and energy modeling, Technol. Forecast. Soc. Change 91
(2015) 161–178.

[93] E. Robertson, et al., Reconciling qualitative storylines and quantitative descrip-
tions: an iterative approach, Technol. Forecast. Soc. Change 118 (2017) 293–306.

[94] M. Sharmina, Low-carbon scenarios for Russia’s energy system: a participative
backcasting approach, Energy Policy 104 (2017) 303–315.

[95] H. Kahn, A.J. Wiener, The Year 2000: a Framework for Speculation on the Next
Thirty-three Years, Collier-Macmillan Limited., London, UK, 1967.

[96] Shell, Shell energy scenarios to 2050, Shell International, Rijswijk, 2008.
[97] R. Ghanadan, J.G. Koomey, Using energy scenarios to explore alternative energy

pathways in California, Energy Policy 33 (9) (2005) 1117–1142.
[98] H. Daneshi, M. Shahidehpour, A.L. Choobbari, Long-term load forecasting in

electricity market, IEEE International Conference on Electro/Information
Technology, IEEE, 2008.

[99] W. Li, Z. Huicheng, Urban water demand forecasting based on HP filter and fuzzy
neural network, J. Hydroinf. 12 (2) (2010) 172–184.

[100] E. Shove, Beyond the ABC: climate change policy and theories of social change,
Environ. Plan. A 42 (6) (2010) 1273–1285.

[101] K. Asdal, The office: the weakness of numbers and the production of non-au-
thority, Acc. Organ. Soc. 36 (1) (2011) 1–9.

[102] R.A. Kelly, et al., Selecting among five common modelling approaches for in-
tegrated environmental assessment and management, Environ. Model. Softw. 47
(2013) 159–181.

[103] I. Staub-Kaminski, et al., Climate policy in practice: a typology of obstacles and
implications for Integrated Assessment modeling, Clim. Chang. Econ. 05 (1)
(2014) 1440004.

[104] S.S. Pappas, et al., Electricity demand loads modeling using AutoRegressive
moving Average (ARMA) models, Energy 33 (9) (2008) 1353–1360.

[105] C.H.R. Lima, U. Lall, Climate informed monthly streamflow forecasts for the
Brazilian hydropower network using a periodic ridge regression model, J. Hydrol.
380 (3–4) (2010) 438–449.

[106] S. Wei, A. Gnauck, et al., J. Gómez (Ed.), Water Supply and Water Demand of
Beijing — A Game Theoretic Approach for Modeling, in Information Technologies
in Environmental Engineering, Springer, Berlin Heidelberg, 2007, pp. 525–536.

[107] P. Bajpai, S.N. Singh, Kathmandu, NepalElectricity Trading In Competitive Power
Market: An Overview And Key Issues in INTERNATIONAL CONFERENCE ON
POWER SYSTEMS2004, Electricity Trading In Competitive Power Market: An
Overview And Key Issues in INTERNATIONAL CONFERENCE ON POWER
SYSTEMS (2004).

[108] A. Jain, L.E. Ormsbee, Short-term water demand forecast modeling techni-
ques—conventional methods versus AI, J. (Am. Water Works Assoc.) 94 (7) (2002)
64–72.

[109] J. Adamowski, et al., Comparison of multiple linear and nonlinear regression,
autoregressive integrated moving average, artificial neural network, and wavelet
artificial neural network methods for urban water demand forecasting in
Montreal, Canada, Water Resour. Res. 48 (1) (2012) W01528.

[110] G.S. Maddala, et al., Estimation of short-run and long-run elasticities of energy
demand from panel data using shrinkage estimators, J. Bus. Econ. Stat. 15 (1)
(1997) 90–100.

[111] F. Arbués, I. Villanúa, R. Barberán, Household size and residential water demand:
an empirical approach*, Aust. J. Agric. Resour. Econ. 54 (1) (2010) 61–80.

[112] J.W. Burnett, X. Zhao, Spatially-explicit prediction of wholesale electricity prices,
2014 US Association for Energy Economics Proceedings, (2014).

[113] G. Heinrich, et al., Electricity supply industry modelling for multiple objectives
under demand growth uncertainty, Energy 32 (11) (2007) 2210–2229.

[114] M. van Dijk, S. van Vuuren, J. van Zyl, Optimising water distribution systems

using a weighted penalty in a genetic algorithm, Water SA 34 (2008) 537–548.
[115] H.A. Amarawickrama, L.C. Hunt, Electricity demand for Sri Lanka: a time series

analysis, Energy 33 (5) (2008) 724–739.
[116] J. Adamowski, Peak daily water demand forecast modeling using artificial neural

networks, J. Water Resour. Plan. Manag. 134 (2) (2008) 119–128.
[117] J. Andersson, J. Lillestøl, Modeling and forecasting electricity consumption by

functional data analysis, J. Energy Mark. 3 (1) (2010) 3–15.
[118] C.-C. Hsu, C.-Y. Chen, Regional load forecasting in Taiwan––applications of arti-

ficial neural networks, Energy Convers. Manag. 44 (12) (2003) 1941–1949.
[119] M. Firat, M.E. Turan, M.A. Yurdusev, Comparative analysis of fuzzy inference

systems for water consumption time series prediction, J. Hydrol. 374 (3–4) (2009)
235–241.

[120] R. Mamlook, O. Badran, E. Abdulhadi, A fuzzy inference model for short-term load
forecasting, Energy Policy 37 (4) (2009) 1239–1248.

[121] I.N. Athanasiadis, et al., A hybrid agent-based model for estimating residential
water demand, Simulation 81 (3) (2005) 175–187.

[122] H. Qudrat-Ullah, B.S. Seong, How to do structural validity of a system dynamics
type simulation model: the case of an energy policy model, Energy Policy 38 (5)
(2010) 2216–2224.

[123] I. Winz, G. Brierley, S. Trowsdale, The use of system dynamics simulation in water
resources management, Water Resour. Manag. 23 (7) (2009) 1301–1323.

[124] T. Jackson, Motivating Sustainable Consumption: a Review of Evidence on
Consumer Behaviour and Behavioural Change, Sustainable Development Research
Network: Guildford, University of Surrey, 2005.

[125] I. Ajzen, The theory of planned behavior, Organ. Behav. Hum. Decis. Process. 50
(2) (1991) 179–211.

[126] Department for Environment Food and Rural Affairs (Defra), a Framework for Pro-
environmental Behaviours, Department for Environment Food and Rural Affairs,
London, UK, 2008.

[127] J.W. Hall, et al., Robust climate policies under uncertainty: a comparison of
Robust decision making and Info-Gap methods, Risk Anal. 32 (10) (2012)
1657–1672.

[128] RAND, Making Good Decisions Without Predictions. Robust Decision Making for
Planning Under Deep Uncertainty, Research Brief the RAND Corporation, USA,
2013.

[129] E.S. Matrosov, A.M. Woods, J.J. Harou, Robust decision making and info-gap
decision theory for water resource system planning, J. Hydrol. 494 (2013) 43–58.

[130] T. Dixon, et al., Urban retrofitting: identifying disruptive and sustaining technol-
ogies using performative and foresight techniques, Technol. Forecast. Soc. Change
89 (0) (2014) 131–144.

[131] M. Eames, et al., City futures: exploring urban retrofit and sustainable transitions,
Build. Res. Inf. 41 (5) (2013) 504–516.

[132] Personal communication, September 5, 2014.
[133] Intergovernmental Panel on Climate Change (IPCC), The IAMC AR5 Online

Scenario Database, Available at: The International Institute for Applies Systems
Analysis (IIASA), 2014, https://secure.iiasa.ac.at/web-apps/ene/AR5DB/.

[134] K. Anderson, A. Bows, Beyond dangerous climate change: emission pathways for a
new world. Philosophical Transactions of the Royal Society A: mathematical, Phys.
Eng. Sci. 369 (1934) (2011) 20–44.

[135] M.B. Dumontier, et al., Social efficiency and the future of water operators’ part-
nerships, MSP Occasional Paper (29) (2016).

[136] E.R. Frederiks, K. Stenner, E.V. Hobman, Household energy use: applying beha-
vioural economics to understand consumer decision-making and behaviour,
Renew. Sustain. Energy Rev. 41 (2015) 1385–1394.

[137] Z.M. Gill, et al., Low-energy dwellings: the contribution of behaviours to actual
performance, Build. Res. Inf. 38 (5) (2010) 491–508.

[138] A. Hurlimann, S. Dolnicar, P. Meyer, Understanding behaviour to inform water
supply management in developed nations: a review of literature, conceptual model
and research agenda, J. Environ. Manag. 91 (1) (2009) 47–56.

[139] S. Russell, K. Fielding, Water demand management research: a psychological
perspective, Water Resour. Res. 46 (5) (2010).

[140] W. Abrahamse, L. Steg, How do socio-demographic and psychological factors re-
late to households’ direct and indirect energy use and savings? J. Econ. Psychol. 30
(5) (2009) 711–720.

[141] A.L. Browne, W. Medd, B. Anderson, Developing novel approaches to tracking
domestic water demand under uncertainty—a reflection on the “up scaling” of
social science approaches in the United Kingdom, Water Resour. Manag. 27 (4)
(2013) 1013–1035.

[142] H. Herring, Energy efficiency—a critical view, Energy 31 (1) (2006) 10–20.
[143] D. Kaklamanou, et al., Using public transport can make up for flying abroad on

holiday:compensatory green beliefs and environmentally significant behavior,
Environ. Behav. 47 (2) (2015) 184–204.

[144] P. Dolan, et al., MINDSPACE: Influencing Behaviour through Public Policy,
Institute for Government, 2010.

[145] R.L. Moreland, M.A. Hogg, S.C. Hains, Back to the future: social psychological
research on groups, J. Exp. Soc. Psychol. 30 (6) (1994) 527–555.

[146] I. Kastner, E. Matthies, Implementing web-based interventions to promote energy
efficient behavior at organizations – a multi-level challenge, J. Clean. Prod. 62
(2014) 89–97.

[147] A.R. Carrico, M. Riemer, Motivating energy conservation in the workplace: an
evaluation of the use of group-level feedback and peer education, J. Environ.
Psychol. 31 (1) (2011) 1–13.

[148] M.B. Deline, Energizing organizational research: advancing the energy field with
group concepts and theories, Energy Res. Soc. Sci. 8 (2015) 207–221.

[149] G. Brandon, A. Lewis, Reducing household energy consumption: a qualitative and
quantitative field study, J. Environ. Psychol. 19 (1) (1999) 75–85.

M. Sharmina et al. Energy Research & Social Science 50 (2019) 18–28

27

http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0405
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0410
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0410
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0410
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0415
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0415
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0415
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0415
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0420
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0420
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0425
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0425
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0425
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0430
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0430
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0430
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0435
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0435
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0440
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0440
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0440
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0445
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0445
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0445
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0450
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0450
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0450
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0455
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0455
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0460
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0460
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0460
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0465
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0465
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0470
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0470
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0475
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0475
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0480
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0485
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0485
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0490
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0490
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0490
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0495
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0495
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0500
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0500
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0505
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0505
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0510
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0510
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0510
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0515
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0515
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0515
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0520
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0520
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0525
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0525
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0525
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0530
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0530
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0530
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0535
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0535
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0535
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0535
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0535
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0540
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0540
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0540
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0545
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0545
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0545
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0545
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0550
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0550
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0550
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0555
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0555
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0560
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0560
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0565
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0565
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0570
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0570
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0575
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0575
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0580
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0580
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0585
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0585
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0590
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0590
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0595
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0595
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0595
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0600
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0600
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0605
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0605
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0610
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0610
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0610
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0615
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0615
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0620
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0620
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0620
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0625
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0625
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0630
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0630
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0630
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0635
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0635
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0635
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0640
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0640
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0640
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0645
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0645
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0650
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0650
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0650
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0655
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0655
https://secure.iiasa.ac.at/web-apps/ene/AR5DB/
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0670
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0670
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0670
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0675
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0675
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0680
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0680
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0680
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0685
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0685
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0690
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0690
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0690
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0695
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0695
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0700
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0700
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0700
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0705
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0705
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0705
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0705
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0710
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0715
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0715
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0715
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0720
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0720
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0725
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0725
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0730
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0730
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0730
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0735
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0735
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0735
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0740
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0740
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0745
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0745


[150] K. Asdal, I. Moser, Experiments in context and contexting, Sci. Technol. Human
Values 37 (4) (2012) 291–306.

[151] L.E. Whitmarsh, S. O’Neill, I. Lorenzoni, Climate change or social change? Debate
within, amongst, and beyond disciplines, Environ. Plan. A 43 (2) (2011) 258–261.

[152] Y. Strengers, C. Maller, Materialising energy and water resources in everyday
practices: insights for securing supply systems, Glob. Environ. Chang. Part A 22 (3)
(2012) 754–763.

[153] F.W. Geels, The hygienic transition from cesspools to sewer systems (1840–1930):
the dynamics of regime transformation, Res. Policy 35 (7) (2006) 1069–1082.

[154] V. Taylor, F. Trentmann, Liquid politics: water and the politics of everyday life in
the modern city, Past Present 211 (1) (2011) 199–241.

[155] E. Shove, F. Trentmann, R. Wilk (Eds.), Time, Consumption and Everyday Life:
Practice, Materiality and Culture, Berg Publishers, UK, 2009, p. 256.

[156] D. Miller, Consumption and Its Consequences, Polity Press, UK, 2012, p. 200.
[157] V. Castán Broto, L. Baker, Spatial adventures in energy studies: an introduction to

the special issue, Energy Res. Soc. Sci. 36 (2018) 1–10.
[158] G. Walker, The dynamics of energy demand: change, rhythm and synchronicity,

Energy Res. Soc. Sci. 1 (2014) 49–55.
[159] N. Simcock, C. Mullen, Energy demand for everyday mobility and domestic life:

exploring the justice implications, Energy Res. Soc. Sci. 18 (2016) 1–6.
[160] C. Harrison, The historical–geographical construction of power: electricity in

Eastern North Carolina, Local Environ. 18 (4) (2013) 469–486.
[161] S.M. Hall, S. Hards, H. Bulkeley, New approaches to energy: equity, justice and

vulnerability. Introduction to the special issue, Local Environ. 18 (4) (2013)
413–421.

[162] K. Bickerstaff, G. Walker, H. Bulkeley, Introduction: Making Sense of Energy
Justice. Energy Justice in a Changing Climate, Zed Books, London, 2013, pp. 1–13.

[163] F. Shirani, et al., Disconnected futures: exploring notions of ethical responsibility
in energy practices, Local Environ. 18 (4) (2013) 455–468.

[164] S. MacGregor, A stranger silence still: the need for feminist social research on
climate change, Sociol. Rev. 57 (2009) 124–140.

[165] S. Jasanoff, Just transitions: a humble approach to global energy futures, Energy

Res. Soc. Sci. 35 (2018) 11–14.
[166] P. Späth, H. Rohracher, ‘Energy regions’: the transformative power of regional

discourses on socio-technical futures, Res. Policy 39 (4) (2010) 449–458.
[167] S. Bouzarovski, S. Petrova, A global perspective on domestic energy deprivation:

overcoming the energy poverty–fuel poverty binary, Energy Res. Soc. Sci. 10
(2015) 31–40.

[168] J.E. DeWaters, S.E. Powers, Energy literacy of secondary students in New York
State (USA): a measure of knowledge, affect, and behavior, Energy Policy 39 (3)
(2011) 1699–1710.

[169] A.L. Browne, Insights from the everyday: implications of reframing the governance
of water supply and demand from ‘people’ to ‘practice’, Wiley Interdiscip. Rev.
Water 2 (4) (2015) 415–424.

[170] L. Devaney, A.R. Davies, Disrupting household food consumption through ex-
perimental HomeLabs: outcomes, connections, contexts, J. Consum. Cult. 17 (3)
(2016) 823–844.

[171] A. Bows-Larkin, et al., Importance of non-CO2 emissions in carbon management,
Carbon Manag. 5 (2) (2014) 193–210.

[172] K. Bakker, The “Commons” versus the “Commodity”: alter-globalization, anti-
privatization and the human right to water in the global south, Antipode 39 (3)
(2007) 430–455.

[173] L. Proskuryakova, Energy technology foresight in emerging economies, Technol.
Forecast. Soc. Change 119 (C) (2017) 205–210.

[174] C. Wilson, Tyndall Workshop on Behaviourally-realistic Modelling, Tyndall Centre
for Climate Change Research, Norwich, 2013.

[175] E. Shove, Putting practice into policy: reconfiguring questions of consumption and
climate change, Contemp. Soc. Sci. (2012) 1–15.

[176] N. Spurling, et al., Interventions in Practice: Re-framing Policy Approaches to
Consumer Behaviour. Sustainable Practices Research Group Report, University of
Manchester, Manchester, UK, 2013.

[177] G. Walker, A critical examination of models and projections of demand in water
utility resource planning in England and Wales, Int. J. Water Resour. Dev. 29 (3)
(2012) 352–372.

M. Sharmina et al. Energy Research & Social Science 50 (2019) 18–28

28

http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0750
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0750
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0755
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0755
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0760
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0760
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0760
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0765
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0765
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0770
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0770
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0775
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0775
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0780
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0785
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0785
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0790
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0790
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0795
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0795
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0800
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0800
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0805
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0805
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0805
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0810
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0810
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0815
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0815
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0820
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0820
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0825
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0825
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0830
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0830
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0835
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0835
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0835
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0840
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0840
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0840
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0845
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0845
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0845
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0850
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0850
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0850
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0855
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0855
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0860
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0860
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0860
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0865
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0865
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0870
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0870
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0875
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0875
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0880
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0880
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0880
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0885
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0885
http://refhub.elsevier.com/S2214-6296(18)31254-4/sbref0885

	Envisioning surprises: How social sciences could help models represent ‘deep uncertainty’ in future energy and water demand
	Introduction
	Uncertainties facing the water and energy sectors
	Applying nexus thinking across the sectors

	Existing modelling methods and their treatment of uncertainty
	Methods
	Identifying the attributes of coupled natural and human systems
	Development of a typology of demand-focused methods

	Attributes of coupled natural and human systems under deep uncertainty
	A typology of demand-focused methods in the water and energy sectors
	The suitability of key demand-focused methods to supporting strategic planning
	Insights from social sciences: cross-disciplinary learning
	Perspectives from social psychology
	Perspectives from sociology and human geography

	Conclusions
	Acknowledgements
	References




